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Abstract 

While algorithmic online dating has been increasingly used by singles worldwide to 

build romantic relationships, a growing number of studies focus on social impacts and ethical 

concerns of online dating algorithms. To comprehensively examine online dating algorithms 

from a social and ethical perspective, this researcher conducted a systematic literature review 

and a technoethical assessment of online dating algorithms’ social influences and ethical 

innovations. This work identified seven major social and ethical issues around online dating 

algorithms, including personal development, culture, social equality, business, political 

concerns, ethics and morals, and privacy. The technoethical assessment also calls for 1) more 

public awareness of online dating algorithms’ influential potential, and 2) online dating 

platforms’ responsible design, use and regulation of online dating algorithms. This study fills 

the knowledge gap between technology and communication studies concerning algorithmic 

governance in online dating and contributes strategic information on ethical innovations in 

online dating algorithms’ design. 

Keywords: algorithms, online dating, technoethics, systematic literature review, social 

constructionism  
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Chapter 1: Introduction 

Background 

Online dating has become increasingly popular for modern singles worldwide. In 

2019, for instance, nearly 2.3 million Canadians and 297.8 million people worldwide used 

online dating sites and apps to seek dating partners and form romantic relationships (Statista, 

2020). Especially during the COVID-19 pandemic, as in-person dating was largely restricted, 

many daters chose to chat with potential partners using dating apps (Sullivan, 2020). Match 

Group, which owns more than 45 dating app brands including Tinder, Match, and OkCupid, 

also reported a 15% increase in subscribers during the COVID-19 pandemic (Meisenzahl, 

2020). Now, more than ever, online dating influences how people form, manage and maintain 

their intimate relationships. 

Many online dating platforms achieve their matching functions using mathematical 

algorithms (Sprecher, 2011). According to Chandler and Munday (2016), an algorithm is “an 

automated set of rules for sorting data.” In online dating, these algorithms support users’ mate 

matching through profiling users, screening partners, locating, and even rating users (Rolle, 

2019).  

While online dating companies keep upgrading their algorithms to provide more 

efficient, scientific and superior matches, some users disclosed their frustrating experiences 

with online dating algorithms. For example, Eror (2016) shared his failure to get matched in 

Tinder. After being unmatched and rejected for six weeks, he finally received his first match, 

which, however, also ended up in his partners’ ignorance of his greeting. This experience 

considerably lowered Eror’s confidence when he wrote: “at this point I couldn’t put the 
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fruitlessness of my Tinder experience down to outdated iPhones: I’m quite obviously not as 

attractive as I’d like to think I am” (Eror, 2016, para. 10). Shadel (2019) also found in his 

interview with queer online daters that mainstream dating apps failed to meet queer users’ 

needs. Neither did dating apps design corresponding gender tags for queer users, nor 

algorithmic matching considered users’ sexual orientations. These cases demonstrate that the 

online dating industry rarely pays attention to algorithms’ social impacts in their designs.  

Research also raised concerns about algorithms’ negative impacts on individuals and 

society. As algorithms mediate online dating’s social affordance, these technologies may 

directly exert power over users and cultures. For instance, algorithms’ problematic 

classification criteria may limit users’ self-presentation and cause identity crises (David & 

Cambre, 2016). Algorithm designers may also program their biased gender and culture 

perceptions in algorithms, causing negative impacts on online dating culture (Beever et al., 

2019). Moreover, it is suspected that capitalists and politicians can exploit online dating 

algorithms to achieve economic and political goals, which reinforces the asymmetric power 

relationship between platforms, algorithms, third parties and users (Albury et al., 2017).  

As an ever-increasing number of studies bring up online dating algorithms’ social 

influences, it gains significance to systematically review previous discussions over this topic 

and provide a holistic picture of how online dating algorithms shape and are shaped by social 

context. Furthermore, it is necessary to examine online dating algorithms’ designs and 

innovations from an ethical perspective. As an influential factor in social and cultural 

changes, technologies should be carefully designed to secure ethical outcomes and ultimately 

promote public welfares (Aizenberg & van den Hoven, 2020). 
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Based on this context, the present work used an interdisciplinary-triangulated-

qualitative method to explore the outcomes of online dating algorithms’ design and the 

mutual influences between algorithms, organizations, daters and cultures. The study consists 

of a systematic literature review of previous studies on online dating algorithms’ social 

influences and a comprehensive examination of online dating algorithms’ innovation through 

a technoethical lens. According to Luppicini (2010, p. 25), technoethics “is concerned with 

all social and ethical aspects of the design, development, utilization, management, and 

evaluation of science and technology in society.” It provides interdisciplinary theories and 

methodologies to analyze technologies from social and ethical perspectives (Luppicini, 

2008). The purpose of this research is to identify 1) major social and ethical issues 

concerning online dating algorithms, and 2) opportunities and challenges in online dating 

algorithms’ design. The work will address two primary research questions: 

1) What are the social impacts and ethical concerns identified in the previous 

literature concerning online dating algorithms? 

2) How can we promote an ethical innovation in online dating algorithms’ design? 

Ultimately, this study will fill knowledge gaps in technology and communication studies 

regarding algorithmic governance and innovation in online dating. 

Research structure 

The present research consists of five sections: introduction, literature review, 

methodology, findings and discussion, and conclusion. 

Chapter one (Introduction) presents an overall statement of research questions, 

motivations, methodologies and research purposes. It also gives a brief introduction of the 
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social context of online dating algorithms’ design and application.  

Chapter two (Literature review) consists of two parts: a conceptual framework and a 

literature review. First, the conceptual framework presents theories that examine the 

relationship between technologies, individuals and society, including Social Constructionism, 

Actor-Network Theory and Technology Mediation Theory. It also presents definitions of key 

terms in this research. The literature review locates online dating algorithms in previous 

literature discussions. It explores the prevalent use of online dating platforms, the application 

of algorithms in online dating, algorithmic governance in online dating platforms, and a 

technoethical lens of technology studies.  

Chapter three (Methodology) presents the triangulated methodology used in this 

study. This includes a systematic review of the literature concerning online dating algorithms’ 

social impacts and a technoethical assessment of online dating algorithms’ social and ethical 

concerns. It justifies the reliability of two methodologies in answering research questions. 

This chapter also clarifies how data were collected and analyzed in this research. 

Chapter four (Findings and discussion) reveals online dating algorithms’ seven 

significant social impacts identified through the systematic literature review, including human 

development, culture, social equality, business, political issues, ethics and morals, and 

privacy. Based on this result, this chapter also thoroughly examines online dating algorithms’ 

innovation from an ethical perspective and provides suggestions for future algorithm design. 

Chapter five (Conclusion) summarizes research findings and implications of online 

dating algorithms’ influential potential. It also discusses the limitations of this research and 

suggestions for future research concerning online dating and algorithm innovations.  
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Chapter 2: Literature review 

Conceptual framework 

- Social constructionism 

Many scholars investigate the relationship between technologies, society and 

individuals from the social constructionist perspective. Social constructionism is a sociology 

and communication theory that examines the power of meaning and discourse (Cojocaru et 

al., 2012). Social constructionists uphold the assumption that the “reality” that people take for 

granted is socially constructed through the interaction and negotiation between social agents 

(Galbin, 2014). Language plays an essential role in constructing social reality (Burr, 2013). 

As Berger and Luckmann (1996) mentioned in The Social Construction of Reality, language 

is not merely a way of describing knowledge and connecting people but determines the 

process of knowledge production. Namely, knowledge is externalized by individuals through 

discourse and negotiated within society before it is eventually perceived as truth by future 

generations (Berger & Luckmann, 1996). Although social constructionism is criticized for 

denying the attainability of knowledge through empirical practices (Craib, 1997), it still 

indicates how people’s perceptions of the world can be tremendously affected by social 

settings and individuals’ communication processes. 

From social constructionist perspectives, technologies have a close relationship with 

society as well as socially constructed reality. Contrary to the technological determinism 

which believes in technologies’ determinant influence on social, political, cultural and 

economic structure, social constructionists emphasize the social influence on technology 

design and production (Djordjevic et al., 2016; Kline, 2001; Winner, 1980). As Bijker (1995, 
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p. 273) stated, “the technical is socially constructed and the social is technically constructed.” 

According to Klein and Kleinman (2002), technologies are socially constructed from four 

perspectives: interpretive flexibility (technologies’ design can have different outcomes 

depending on social contexts), relevant social group (different social groups may afford 

different meanings to same technologies), closure and stabilization (social groups’ conflicting 

images of technologies motivate constant innovation of technologies), and wider context 

(technologies’ innovation takes place in a complicated social and political context). In this 

scenario, individuals’ perceptions, which can be influenced by technological change, also 

shape the design, production and innovation of technologies.  

- Actor-Network Theory 

Derived from social constructionism, Actor-Network Theory examines the 

relationship between human actors and non-human actors (e.g., technologies, media, vehicles, 

etc.) through a networking perspective (Latour & Woolger, 1979). The basic assumption of 

Actor-Network Theory is that human actors and non-human actors exert mutual influence on 

each other through seamless interactions and all together construct the world we live in 

(Spöhrer, 2017). Non-human actors have the same influential capacities as human actors 

because they are associated with human actions. As Latour (2005, p. 78) explained,  

every artifact, such as for example a machine, can be understood only in terms of the 

meaning which its production and use have had or will have for human action; a 

meaning which may derive from a relation to exceedingly various purposes. 

Despite its origin in social constructionism, Actor-Network Theory differs from social 

constructionism in their view of the relationship between society, nature and technologies 
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(Djordjevic et al., 2016). Namely, Actor-Network Theory abandons the disputation over 

which actor has a more powerful influence over others and whether it is the technology that 

causes social changes or the social context that determines technology innovation (Latour, 

1991). Rather, it blurs boundaries between society, nature and technologies and examines 

their co-construction of reality through networking and interaction (Schulz-Schaeffer, 2000). 

As Callon (1986, pp. 200-201) indicated, “the observer must abandon all a priori distinctions 

between natural and social events. He must reject the hypothesis of a definite boundary which 

separates the two.” This perspective can be both contributive and challenging. On the one 

hand, Actor-Network Theory alleviates the contradiction between social constructionism and 

technological determinism by acknowledging the mutual influence between human and non-

human actors (Spöhrer, 2017). While on the other hand, Actor-Network Theory is criticized 

for lacking critical scopes as it deems all actors have the same influential potential, which 

makes powerful institutions less visible in critical studies (Teurlings, 2013). For instance, 

Teurlings (2013, p. 112) mentioned that actor-network theory “does not discard the economic 

as a force structuring relationships in the network, but it does so without making it into the 

sole focus of attention.” In this way, Actor-Network Theory may not be suitable to identify 

the power relationship between actors. 

In addition, Actor-Network Theory contributes to media studies by identifying the 

differences between intermediator and mediator. Latour (2005, p. 39) explained:  

An intermediary, in my vocabulary, is what transports meaning or force without 

transformation: defining its inputs is enough to define its outputs. … Mediators, on 

the other hand, … transform, translate, distort, and modify the meaning or the 
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elements they are supposed to carry. 

Based on this definition, Schüttpelz (2013) identified media as mediators because media not 

only transmit messages but also reflect certain values and perceptions that influence 

individuals’ interpretations of messages. In this scenario, media are active mediators that 

possess influential potential on individuals, culture and society, supporting Marshall 

McLuhan’s (1964) argument that “the medium is the message.” 

- Technology Mediation Theory 

Technology mediation theory is a young theory that focuses on the role that 

technologies play in society (Verbeek, 2015). Inspired by Latour’s definition of intermediator 

and mediator, Verbeek (2015, p. 29) argued that all technologies are mediators as they “help 

shape how human beings can be present in the world and how the world can be present for 

human beings.” For instance, social media not only present news and messages but also 

determine what and how to present. In this way, technologies mediate individuals’ 

perceptions and experiences instead of neutrally extending or opposing humans (Verbeek, 

2015).  

Technology Mediation Theory also examines technologies’ ethical design. It argues 

that instead of eliminating technology mediations, designers should facilitate “responsible 

forms of mediation” by anticipating technologies’ potential influences and design positive 

and responsible mediations (Verbeek, 2011; Verbeek, 2015). 

- Definitions of key terms 

Existing definitions of “online dating” highlight the use of the internet to form 

romantic relationships. For instance, Shirley (2017, p. 1177) referred “online dating” as “an 
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Internet-based form of communication with the primary intent to establish in-person (i.e., 

face-to-face) friendships, or romantic or sexual relationships between consenting adults.” 

Similarly, Finkel (2012, p. 7) defined “online dating” as “the practice of using dating sites to 

find a romantic partner.” Therefore, in this work, I define online dating as the practice of 

using internet-based applications (including websites, software and mobile applications) to 

seek potential partners, gratify sexual needs, build romantic relationships and facilitate offline 

intimate interactions. 

Although “online dating algorithm” was not sufficiently defined in previous literature, 

most studies emphasized the matching feature of online dating recommendation systems. Xia 

(2016, p. 31) mentioned that “a recommendation system for online dating aims to match 

people who are mutually interested in and likely to communicate with each other.” Jia et al. 

(2018, p. 429) also indicated that online dating algorithms lie in “double opt-in design, which 

provides the users with appealing online dating experiences: … These dating apps only notify 

the users when both sides like each other (i.e., referred to as a match).” Based on these 

viewpoints, I define online dating algorithms as algorithms that facilitate the whole process of 

profiling, matching, screening, result presenting, browsing, and user interaction in online 

dating. 

Online dating and algorithmic recommendation system 

For thousands of years, people place great importance on finding appropriate partners 

as it is closely related to courtship and marriage (Ahuvia & Adelman, 1992). While 

traditionally people used newspapers, magazines, radios and televisions to advertise for 

potential partners, the rise of computers and the internet boosted online dating services by 
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providing open platforms and efficient matchmaking processes for global daters (Orr, 2004). 

Although the first online dating company (kiss.com) appeared in 1994, it was 

Match.com that expanded the online dating business in 1995 (Brainz, n.d.). Based on search 

engine technologies, Match.com, together with PlentyOfFish, OkCupid and Zoosk that were 

developed later, provided internet users with platforms to post self-advertisement and browse 

others’ profiles (Finkel et al., 2012). As Finkel et al. (2012, p. 6) mentioned, easy access 

differs online dating sites from traditional in-person dating: “because many sites have 

thousands, sometimes millions, of users, online dating offers access to a larger number of 

potential partners than anybody could have access to in the offline world.” 

However, these dating sites could not sufficiently satisfy users’ increasing need in 

filtering partners according to their mate preferences. Accordingly, many online dating sites, 

including eHarmony, PlentyOfFish and OkCupid, launched or updated their websites with 

mate matching algorithms (Finkel et al., 2012). As online dating companies claimed, their 

algorithms were informed by social behavior theories, aiming to provide recommendations 

that were more scientific than human judgements and help users identify their “soulmates” 

(Schwartz & Velotta, 2018; Rudder, 2014). Users needed to fill in questionnaires and provide 

information of personal background, hobbies, mate preferences, religions, cultures, etc. After 

that, algorithms would analyze users’ profiles and automatically make recommendations. At 

this stage, more online dating sites designed for minority groups such as Black People Meet 

entered the market and started to provide matchmaking services for diverse groups (Finkel et 

al., 2012; Flug, 2016).  

In the 2010s, as mobile applications were well developed, online dating apps, for 
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example, Tinder, Grindr, Bumble, Coffee Meets Bagel, etc., rapidly dominated the online 

dating market (Flug, 2016). Their success was primarily due to the prevalence of 

smartphones as well as their simplified algorithmic profiling and recommendation system; 

users can create profiles with a few clicks and get matched by swiping on the screen instead 

of wasting a large amount of time on questionnaires (Jung et al., 2019; Schwartz & Velotta, 

2018). This swipe logic, which is a mate-selection mechanism based on rapid algorithmic 

recommendations and users’ swiping gestures indicating “yes” or “no,” had a great impact on 

online dating culture (e.g., enforcing daters to get accustomed to the computer-mediated 

communication) (David & Canbre, 2016; Tong et al., 2016b).  

 Currently, online dating platforms can be classified into three kinds: 1) 

algorithm/questionnaire-based platforms (e.g., eHarmony), which rely on algorithmic 

analysis of users’ survey data to make recommendations; 2) see-and-screen platforms (e.g., 

Tinder), which rely on the swipe logic to make recommendations; 3) blended platforms (e.g., 

OkCupid), which combine the survey and screening in the matching process (Tong et al., 

2016a). Despite different matching mechanisms, it is undeniable that all online dating 

platforms use algorithms to manage the profiling, matching, screening and browsing 

processes (Parisi & Comunello, 2020). 

Algorithms can support mate matching in various ways. Taking Tinder as an example, 

algorithms serve to 1) profile users according to the information uploaded to dating platforms 

and data retrieved from connected social media (e.g., Facebook and Instagram), 2) filter 

potential partners according to user-set criteria (e.g., gender, age and physical distance) and 

user ranking, 3) present mate recommendations, 4) match users who are both “swiped right,” 
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and 5) update user profiling according to their previous behaviors and interactions (David & 

Cambre, 2016; Hitsch et al., 2010; MacLeod & McArthur, 2019).  

However, as Rolle (2019) suggested, in online dating, algorithms’ jobs are more 

complicated and implicit. For example, Tinder’s CEO Sean Rad confirmed that Tinder uses 

an “Elo score” to rank users according to their “desirability” (Carr, 2016). Although how 

Tinder’s algorithms score users’ desirability is unclear, it is undeniable that Tinder analyzes 

users’ “attractiveness” according to their previous behaviors (e.g., frequency of swiping right 

and receiving right swipes, frequency of logging in, etc.) and only shows recommendations of 

those who are ranked at same levels (Rolle, 2019). This score also influences users’ visibility 

in online dating, including the number of people that users’ profiles can be shown to and the 

sequence of these profiles (SwipeHelper, 2019). In this way, algorithmic ranking raises 

privacy concerns as users’ personal data can be exploited without users being aware of it and 

reinforces algorithmic control over users’ dating process (Rolle, 2019). Namely, online dating 

algorithms are more potent as it directly determines whom the users can date with.  

Algorithmic governance in online dating 

Informed by Actor-Networking Theory and Technology Mediation Theory, as the 

fundamental technology that supports online dating’s profiling and matching process, 

algorithm serves as a mediator between actors and the perceived world, shaping and being 

shaped by social, cultural, political and economic context (Gillespie, 2014; Kitchin, 2016).  

On the one hand, actors and social contexts can influence how algorithms are 

anticipated, designed and used. Bucher (2017) investigated Facebook users’ experience with 

algorithms as well as how users perceive Facebook algorithms’ functions. She found that 
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users form an algorithmic imagination, which means “ways of thinking about what 

algorithms are, what they should be, how they function and what these imaginations in turn 

make possible,” through their interaction with Facebook algorithms (Bucher, 2017, pp. 39-

40). This imaginary not only reflects users’ anticipations towards algorithms but also affects 

how users treat and utilize algorithms. For example, users may change their “information-

sharing behaviors” (Bucher, 2017, p. 40) to exploit perceived algorithm functions to the full.  

However, as Sharabi (2020) and Gillespie (2014) mentioned, this algorithmic 

imagination is a result of commercial promotion. As more social media platforms, including 

online dating platforms, promote their algorithms as scientific, objectives, and superior to 

human judgement, users blindly believe in this claim and perceive how algorithms work 

according to platforms’ statements. Sharabi (2020) identified an algorithmic belief in online 

dating where users uncritically accept algorithmic recommendations. Gillespie (2014, p. 177) 

also pointed out that commercial aims can shape the algorithms’ design and functions: 

[The landscape of algorithm] can no longer be described as two distinct territories, 

social and commercial; rather, it interweaves the results of algorithmic calculations 

(what status updates and other activities of friends should be listed in the feed, what 

links will be recommended to this user, which friends are actively on the site at the 

moment), structural elements (tools for contributing a status update, commenting on 

an information element, links to groups and pages), and elements placed there based 

on a sponsorship relationship (banner ads, apps from third-party sites). 

Therefore, while at first glance algorithms are designed to meet users’ need for online 

socializing, a closer look reveals the economic and political influences imposed by powerful 
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institutions on algorithms’ design and use.  

While actors can affect algorithms’ designs and innovations, on the other hand, 

algorithms can re-organize social contexts through their interactions with actors, forming an 

algorithmic governance on individuals’ perceptions, social norms and social structure 

(Bucher, 2018; Gillespie, 2014; Katzenbach & Ulbricht, 2019; Striphas, 2015). According to 

Katzenbach and Ulbricht (2019, para. 2), algorithmic governance is “a form of social 

ordering that relies on coordination between actors, is based on rules and incorporates 

particularly complex computer-based epistemic procedures.” This governance is multilateral 

as algorithms mediate the power of different social actors including users, designers, 

corporations, governments, organizations, and other technologies (Katzenbach & Ulbricht, 

2019). 

Algorithms can mediate the power of algorithm designers and users through specific 

designs and functions, for example, categories. While a category enables users to present 

themselves and express their opinions efficiently, it also governs how users think about a 

question and nudges them to accept the classification prescribed by designers (Becker, 2009; 

Gillespie, 2014). As Gillespie (2014, p. 174) argued,  

we are invited to formalize ourselves into these knowable categories. When we 

encounter these providers, we are encouraged to choose from the menus they offer, so 

as to be correctly anticipated by the system and provided the right information, the 

right recommendations, the right people. 

Algorithms also implicitly classify users according to their previous using behaviors, forming 

an algorithmically assigned identity in online platforms (Cheney-Lippold, 2011). As 
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algorithms predict users’ intended purchases and preferences according to calculated 

identities, this process turns algorithms into soft biopolitical tools which govern how to 

construct and define identities and social groups on the internet.  

From this perspective, the research identified problematic category designs in online 

dating and criticized their control of gender construction. MacLeod and McArthur (2019) and 

David and Cambre (2016) investigated the gender categories in Tinder and Bumble and found 

that these apps’ gender options were limited to “male” and “female.” Although Tinder 

provided opportunities for gender minorities to display their identities in profiles through 

descriptions and icons, these narratives were not taken into account in algorithmic profiling 

and recommendation (MacLeod & McArthur, 2019). Besides, while some dating apps (e.g., 

Tinder and Bumble) add more gender options in recent years, gender minorities cannot fully 

benefit from this upgrade. For example, Bumble still limits the “gender of recommended 

users” to binary options. While Tinder announced its introduction of more gender options to 

all markets in July 2020, it still excluded places with “state-sponsored sexual orientation 

laws” from the list (Tinder Blog, n.d., para. 1). In this scenario, dating apps’ binary gender 

category may reinforce a cisgendered definition of gender, precluding gender minorities from 

the online dating market (Bivens & Hoque, 2018). 

Algorithms may also magnify social power and shape individuals’ perceptions of 

reality through filtering and screening. As a technology that selectively presents information, 

the algorithm governs what and how knowledge is externalized (Just & Latzer, 2017). Pariser 

(2011) observed a “filter bubble” phenomenon in searching engines (e.g., Google) and social 

media (e.g., Facebook). Since algorithms recommend information according to users’ 
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preferences, this “personalized universe of information” may reinforce users’ pre-existing 

knowledge and perceptions and hinder active knowledge exchange. Parisia and Comunello 

(2020) also observed the filter bubble phenomenon in online dating. Although daters differed 

in their preference of similarity and diversity, they all ended up receiving recommendations 

of users with similar interest because of “both algorithmic dynamics (that tend to show us 

people with whom we share some characteristics), and relational dynamics, enabled by the 

ways in which platforms steer users’ self-presentation” (p. 85). 

In addition, research also demonstrated the mutual influences between online dating 

algorithms, users’ emotional wellbeing and dating culture. To begin with, in an 

algorithmically constructed dating world, users may feel anxious and disappointed as all 

users recommended by algorithms are fine-looking with great personalities (Bonilla-Zorita et 

al., 2020). These negative experiences may lower users’ self-esteem and force users to 

unconsciously accept the dominant perceptions of beauty and success (Breslow et al., 2020). 

Furthermore, the senses of depression and disappointment motivate users to keep using 

online dating apps so as to demonstrate their attractiveness and deny their failures, resulting 

in an online dating addiction (Bonilla-Zorita et al., 2020). In turn, algorithmically 

transformed users contribute more data that reflects and supports dominant culture to online 

dating platforms, reinforcing an anxious and appearance-centered online dating culture 

(David & Cambre, 2016). 

Algorithms’ operating logic, for example, Tinder’s swipe logic, also contributes to the 

current online dating culture. For instance, Tinder’s swipe logic restricts daters to express 

their intentions of potential partners in a binary way (David & Camber, 2016); by swiping 
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left, they completely reject the match, while by swiping right, they are ready for the date. 

This binary logic not only compromises the interaction between daters but also encourages 

them to make a quick decision of potential partners depending on external appearance. As 

Degen and Kleeberg-Niepage (para. 58) argued, the rapid review of algorithmic 

recommendations indicates an “acceleration of the pace of daily life and the acceleration also 

regards the dating itself, as the single date loses importance and value as the next one is just 

around the corner.” This acceleration of dating culture, according to Breslow et al. (2020) and 

Haywood (2018), encourages users to treat other users as objects and commodities instead of 

existing human beings. In this way, algorithmic swipe logic intensifies an objectification 

culture in online dating in which users “focus on their appearance, [and] experience their 

body for how it looks rather than how it feels” (Breslow et al., 2020, p. 26). 

Technoethics of algorithms  

As previously mentioned, according to Luppicini (2010, p. 40), technoethics is “an 

interdisciplinary field concerned with all ethical aspects of technology within a society 

shaped by technology. It deals with human processes and practices connected to technology 

which are becoming embedded within social, political, and moral spheres of life.” By 

examining the socio-technological context of technology innovation, technoethics provides a 

sustainable and human-centered insight into technology design (Fan & Ge, 2018). 

Technoethical inquiry is a useful method in technoethics studies that “provides powerful tools 

to help integrate interdisciplinary expertise (and experts) and deal with competing values and 

ethical issues connected to the actual and potential influences of technology in society” 

(Luppicini, 2010, p. 69). It requires researchers to evaluate technology through practical 
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experiences and identify social responsibilities of all actors (including technology itself) 

involved in technology innovation. Therefore, researchers should examine the roles that 

technologies play in society through multiple perspectives, including philosophy, history, 

culture, economy, politics and legality (Luppicini, 2010).  

Although technoethical assessment of online dating algorithms was insufficiently 

conducted in previous literature, studies identified two major ethical concerns of social media 

algorithms, which are automation and transparency (Beever et al., 2019; Heller, 2012; 

Katzenbach & Ulbricht, 2019; White & Boatwright, 2020). Katzenbach and Ulbricht (2019, 

para. 20) emphasized the importance of automation and transparency: “they stand out with 

regard to their normative implications for accountability and democracy.” They argued that 

an ethical algorithm should facilitate the human decision-making process and be self-

explainable and accountable at the same time. In this way, we can turn “out-of-control” 

algorithms into “autonomy-friendly” algorithms, preventing negative influences of 

algorithmic governance (Katzenbach & Ulbricht, 2019, para. 23).  

Beever et al. (2019, p. 84) also mentioned ethical responsibilities for algorithm 

programmers:  

Moral algorithms, in other words, must be produced through careful thought and 

intentional design, not only in regard to the specifications of a program but also in 

carefully considering that program’s use (e.g., functionality and operation) and 

context (e.g., stakeholders, access, equity, etc.). 

This requires algorithm designers to identify algorithms’ potential influence on diverse 

stakeholders and avoid programming biased algorithms.   
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Chapter 3: Methodology 

To fulfill research goals, this research used a triangulated qualitative research method 

to investigate online dating algorithms’ social impacts and ethical concerns. According to 

Carter et al. (2014, p. 545), triangulation refers to “the use of multiple methods or data 

sources in qualitative research to develop a comprehensive understanding of phenomena.” 

Triangulated research method allows researchers to examine one social issue through diverse 

perspectives and frameworks, increasing the validity and dynamics of research findings 

(Morse, 2009). In the present study, research methods consist of two steps: 1) a systematic 

review of the literature concerning online dating algorithms’ social impacts, and 2) a 

technoethical assessment of online dating algorithms’ design.  

Systematic literature review 

According to Petticrew and Roberts (2006, p. 10), a systematic literature review refers 

to 

a literature review that adheres closely to a set of scientific methods that explicitly 

aim to limit systematic error (bias), mainly by attempting to identify, appraise and 

synthesize all relevant studies (of whatever design) in order to answer a particular 

question (or set of questions). 

This method requires researchers to conduct 1) a systematic search of the literature relevant 

to research questions, 2) a systematic screening of collected literature and data according to 

inclusion and exclusion criteria, 3) a systematic analysis of collected data, and 4) a systematic 

presentation of findings according to themes or characteristics (Siddaway et al., 2019; Xiao & 

Watson, 2019).  
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As researchers usually examine a large amount of literature in the systematic literature 

review, this method guarantees the comprehensiveness of the analysis. Therefore, as 

Petticrew and Roberts (2006, p. 21) suggested, the systematic review is suitable “when a 

general overall picture of the evidence in a topic area is needed to direct future research 

efforts.” In addition, the systematic search and screening of literature require researchers to 

collect data according to pre-set criteria and process, which increases the reliability and 

validity of resources (Kitchenham et al., 2010). Although Rousseau et al. (2008) and 

Sandelowski et al. (2006) criticized systematic literature review for integrating conflicting 

data, methodologies and frameworks into analysis, research indicated this disadvantage could 

be overcome by identifying different research contexts underlying each study and group data 

accordingly (Xiao & Watson, 2019). Therefore, in this study, I conducted a systematic 

literature review to draw a holistic landscape of how algorithms exert social influences and 

generate ethical concerns in online dating. 

Between December 2020 and February 2021, I systematically searched literature from 

four databases, including ABI/INFORM Collection, SCOPUS, SpringerLink and Web of 

Science. I chose these databases because of their comprehensive and multidisciplinary 

coverage of both academic and non-academic journals and books in communication, 

computer science and social science. To grasp a current research pattern, I restricted the 

literature’s publication period to between 2016 and 2020. The literature collected in this study 

includes both academic articles such as peer-reviewed articles and scholarly books, and non-

academic articles such as newspaper and magazine publications.  

I searched the literature on four databases with the same term (“online dating” OR 
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“dating app” OR “dating site”) AND (algorithm* OR “recommendation system”), with 

subjects limited to ethics* OR social*. After the preliminary literature search, I applied a 

systematic screening of collected articles’ titles, abstracts, and keywords to ensure their 

relevance with the research topic. The inclusion criteria of online dating included terms 

online dating, dating app, dating site, hook-up app, online romance and online dating 

platforms’ brand name. The terms excluded from the selection were date counseling, social 

media, SNS and (offline) dating. The inclusion criteria of algorithm included terms 

algorithms, recommendation system, user profiling, swipe and mathematic program. The 

terms excluded from the selection were robot, software, virtual reality, (algorithm) 

engineering and UI design. After eliminating irrelevant and duplicated articles, totally 32 

articles are selected for the systematic review. The result of the systematic literature search 

was presented in Appendix A and Table 1 (see Appendix B). 

 Since the goal of the systematic literature review is to identify major social issues of 

online dating algorithms, I used thematic synthesis to extract, code and analyze data from 

selected literature. Thematic synthesis enables researchers to grasp critical features from the 

data pool by integrating data from different literature into analytical themes, which are 

developed according to research questions (Thomas & Harden, 2008). In this work, I 

identified six themes through a preliminary review of ten randomly selected articles. These 

themes included human development, culture, social equality, business, political issues and 

ethics. Next, I extracted and coded data from the rest articles based on these six themes. 

During this process, I identified the seventh theme as privacy. Therefore, I repeated the 

thematic synthesis over all literature and analyzed data according to the seven themes 
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mentioned above. The findings were both quantitatively and qualitatively reported. 

Technoethical assessment 

Technoethical assessment is a useful tool of technoethical inquiry. According to 

Luppicini (2010, p. 76), technoethical assessment is developed based on the assumption that 

“the assessment of technology cannot be limited to scientific evaluation but must be sensitive 

to broader social and ethical elements within society.” Namely, technoethical assessment aims 

to provide a better understanding of “ethical responsibilities created by technological 

innovations” by investigating the interaction between technologies and social actors 

(Luppicini, 2010, p. 76).  

Technoethical assessment provides a five-step framework to assess both opportunities 

and challenges raised by technologies (Luppicini, 2010, pp. 77-79): 

Step 1: Evaluate the intended ends and possible side effects to discern overall value 

(interest); 

Step 2: Compare the means and intended ends in terms of technical and nontechnical 

(moral, social) aspects; 

Step 3: Reject any action where the output (overall value) does not balance the input 

in terms of efficiency and fairness; 

Step 4: Technoethical inquiry is multi-perspective. Ensure that perspectives from all 

stakeholders groups and those affected are included in Steps 1-3; 

Step 5: Because technological projects can have multi-level influences (i.e., 

biological, physical, psychological, social, environmental), technoethical inquiry must 

consider technological relations at a variety of levels. 
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Based on this framework, technoethical assessment not only requires multi-perspective 

examination of technologies’ social influences but also investigates technologies’ ethical 

design from perspectives of means, intended ends, side effects and overall values.  

As the present work aims to scrutinize the ethical innovation in online dating 

algorithms’ design, I conducted a technoethical assessment over online dating algorithms 

based on the findings of the systematic literature review. The assessment was carried out 

following the five-step framework and presented in the “discussion” section.  
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Chapter 4: Findings and discussion 

Findings 

A systematic analysis of collected articles discloses seven major social and ethical 

issues around online dating algorithms, which are (1) personal development, (2) culture, (3) 

social equality, (4) business, (5) political concerns, (6) ethics and morals, and (7) privacy.  

“Personal development” is concerned with online dating algorithms’ impacts on users’ 

mental health and personal development. “Culture” discusses how online dating algorithms 

shape and are shaped by social norms and online dating culture. “Social equality” examines 

whether algorithms reinforce or mitigate the social discrimination and gender inequality in 

online dating. “Business” presents how dating platforms profit from algorithms and influence 

online dating markets. “Political concerns” refers to the asymmetric power relationship 

between online dating developers, algorithms and users. “Ethics and morals” questions 

algorithms’ impacts on online daters’ decision-making capabilities. Finally, “Privacy” is 

concerned with data safety issues raised from algorithms’ collection and exploitation of 

online daters’ personal data. Notably, these issues are correlated with each other. Altogether, 

they outline how online dating algorithms affect almost every aspect of society and 

individuals’ lives. The percentage of each theme and the distributive pattern of articles were 

shown in Table 2 (see Appendix C) and Figure 1 (see Appendix D). 

- Personal development  

Personal development (21.2%) is the most frequently mentioned concern of online 

dating algorithms. Scholars mainly examined online dating algorithms’ influential potential 

on individuals’ mental health, self-perceptions, and personal capabilities. To begin with, 
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algorithmic online dating can increase daters’ confidence by making the dating process more 

enjoyable. Algorithms’ double opt-in design can simplify the introduction process between 

daters and alleviate the awkwardness of self-introduction (Jia et al., 2018). Daters also feel 

less stressed and disappointed if they are rejected in online dating as the matching algorithms 

only notify successful matches (Schwartz & Velotta, 2018).  

However, more scholars raised concerns about algorithms’ negative impacts on online 

daters’ mental health. As Degen and Kleeberg-Niepage (2020, para. 35) indicated, although 

users rarely receive direct rejections from other users, they may still experience “sadness, 

anger, uncertainty and self-doubt” if they are not matched or liked. This unsuccessful 

experience will either lower users’ self-esteem (David & Cambre, 2016) or force them to brag 

and even lie in their profiles (Schwartz & Velotta, 2018). For instance, David and Cambre 

(2016) showed a Tinder user who regarded himself as an ugly man after posting his photos 

for 48 hours but failing to receive a “like.” Haywood (2018) further suggested that since the 

rejection in online dating is implicit, male users may pretend to be indifferent about the 

rejection to protect their pride. This reaction may reinforce a problematic perception of 

masculinity as they refuse the perceived reality that they are less attractive to women.  

It is also controversial whether algorithmic online dating positively impacts 

marginalized groups (e.g., disabled people, racial minorities, LGBTQs, etc.). On the one 

hand, online dating provides an efficient channel for marginalized groups to connect with 

similar people and get more social support (Duguay et al., 2020; Mazur, 2020). While on the 

other hand, they may encounter more negative online dating experiences compared with 

dominant groups. For example, Mazur (2020) found that many disabled young adults struggle 
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to create profiles regarding to what extent they should disclose their disabilities. They are 

afraid of being harassed by users with particular sexual orientations as “disability” can be a 

filter criterion in algorithmic matching. In this scenario, “users with visible disabilities begin 

to feel like the people online are dating your wheelchair, rather than dating you” (Mazur, 

2020, p. 107).  

In addition to algorithms’ potential impacts on daters’ mental health, scholars 

identified identity issues in online dating. While some believed younger generations can 

explore their personalities and produce selves creatively in online dating (Gieseking, 2017; 

Schwartz & Velotta, 2018), others suggested that daters may find it difficult to present 

themselves appropriately in online dating (Bivens & Hoque, 2018; David & Cambre, 2016; 

MacLeod & McArthur, 2019; Wang, 2020). For instance, Wang (2020) found the personality 

tags in Blued, a Chinese gay dating app, can overlap in meanings. David and Cambre (2016) 

and MacLeod and McArthur (2019) also pointed out the binary gender option in some 

algorithmic recommendation systems; users can only identify their gender as “male” or 

“female.” This confusing design may cause emotional distress for those whose gender is 

different from their sex as they cannot present their identity properly in online dating (Bivens 

& Hoque, 2018). MacLeod and McArthur (2019, p. 831) further criticized the nature of 

binary classification: “‘gender’ within the apps is not about identity as such but rather is a 

way of sorting users into groups that make matches more likely.” Therefore, efficiency and 

usefulness outweigh user welfare in online dating’s algorithm design, forcing users to accept 

the prescribed classification instead of expressing their own identities.  

Previous studies also examined how online dating algorithms affect personal 
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capabilities. For example, Tong et al. (2016a) found that algorithmic recommendations can 

facilitate users’ decision-making process, helping them overcome the “decidophobia.” This 

may be because “algorithmic feedback provides daters with a form of external validation of 

their choice” (Tong et al., 2016a, p. 654).  

- Culture 

Culture (18.8%) is another major issue concerning online dating algorithms. Although 

dating app companies claimed that online dating merely reflects social norms instead of 

resetting them (Kari, 2017), scholars tended to believe in the mutual influence between dating 

algorithms and culture (Albury et al., 2017; Bivens & Hoque, 2018). As Bivens and Hoque 

(2018, p. 443) suggested: “[We] recognize technological design as a social and political act 

that is both influenced by surrounding sociocultural and political-economic contexts and 

actively involved in constructing such contexts.” Therefore, online dating algorithms can not 

only magnify biased cultures and perceptions concerning gender, date, and intimate 

relationships but also create new cultures and social norms of dating.  

On the one hand, scholars demonstrated that online dating algorithms may reinforce 

gender stereotypes and further marginalize gender minorities. This is because algorithms can 

learn values, including cultural bias and discriminations, from designers as well as the big 

data (Rolle, 2019). Bivens and Hoque (2018) suggested that although Bumble’s founder 

claimed this dating app to be feminist, its algorithms were designed based on cisgender 

ideologies. For instance, Bumble launched a “best friend forever” (BFF) feature, enabling 

users to make friends instead of finding partners in the app. However, this feature can only 

match users with other same-gender users, discouraging lesbian and gay users from using this 
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function. In this scenario, the binary gender classification also intensifies a dominant gender 

interpretation which conflates gender, sex and sexuality.  

Scholars also raised concerns about algorithmic recommendation’s ability to 

commodify and objectify users. David and Cambre (2016) and Rolle (2019) examined 

Tinder’s swipe logic and found that the quick swipe over potential partners tends to make 

users forget about real human beings existing behind pictures and profiles. Haywood (2018, 

pp. 145-146) further explained: “The process of swiping through multiple profiles can be 

seen as similar to browsing a shopping catalogue, where the process of choosing is an 

affective experience. … Women become treated as a product, considered comparatively 

against other women.” It is in this way that algorithms dehumanize users – both swipers and 

swipees – into repetitive machines and iconic objects.  

This accelerated matching process also encourages daters to make a quick decision of 

potential partners depending on their external appearance (Abolfathi & Santamaria, 2020). 

Kao (2016) argued that online dating algorithms have no influence on individuals’ partner 

preference as people also pay more attention to partners’ physical attraction than other 

personal traits in in-person dating. Nevertheless, Schwartz and Velotta (2018) concerned the 

swipe logic may mislead daters, especially younger generations, to excessively care about 

their external attractiveness and reshape their perceptions of “perfect” partners.  

Besides reinforcing existing biased perceptions, algorithms, on the other hand, also 

stimulate a new algorithmic culture in online dating. One remarkable example is Tinder’s 

swipe mechanism. Tinder not only introduced a swipe gesture into app design but also 

afforded this gesture a new cultural meaning: swiping right for “yes,” and swiping left for 



31 
 

“no” (Costa Rodrigues & Baldi, 2017). Kari (2017) and Haywood (2018) also mentioned that 

while swipe algorithms speed up the matching process, they provide a “pre-date” stage for 

users to filter partners and express intentions, slowing down the dating process as a whole. 

Therefore, online dating algorithms can shift users’ dating habits and create new “dating 

norms” on the internet. 

Moreover, as algorithms rule how users interact with others in online dating (Costa 

Rodrigues & Baldi, 2017), how users game and win algorithmic recommendation systems 

form a new digital culture. For instance, online daters may ask for suggestions from famous 

bloggers and data analysts about how to attract algorithms’ attention so as to increase their 

visibility in algorithmic recommendations (Albury et al., 2017; Degen & Kleeberg-Niepage, 

2020). Dating companies, in turn, will update their algorithms to achieve better efficiency and 

fairness. In this way, as Albury et al. (2017, p. 6) suggested, “user practices, business models 

and app functionality co-evolve to produce new data cultures.” 

- Social equality 

The third concern of online dating algorithms’ social impact is social equality 

(17.5%). To begin with, scholars discussed whether algorithmic recommendation enables 

equal access and use of online dating. Schwartz and Velotta (2018) upheld that algorithmic 

filtering can help racial, cultural, gender, and religious minorities match with users from 

similar communities. In this way, algorithms increase online dating’s accessibility, enabling 

more people to find potential partners regardless of their social background.  

Nevertheless, more scholars pointed out that dating companies can exploit algorithms 

to limit equal use of products’ features (Cohen, 2018; Courtois & Timmermans, 2018; Jia et 
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al., 2018). Cohen (2018) indicated that most dating apps (e.g., Tinder, Grinder, Bumble, etc.) 

are based on the freemium model in which basic services are free to all users but premium 

services (e.g., more dater recommendations and more times of swiping right) are charged 

additional fees. This strategy compromises the dating experience of users who cannot afford 

the premium services and further exacerbates the economic inequality among users. 

Moreover, the freemium strategy also reinforces the commodification of users in online 

dating as the more the users pay, the more recommended users they can select from 

(Haywood, 2018; Sharabi, 2020). 

In addition, as mentioned in “personal development,” minority users are more likely 

to encounter harassment in online dating. Duguay et al. (2020) found that queer users are 

prone to quit dating apps if they frequently receive inappropriate matches and aggressive 

messages. As most dating apps’ algorithms are designed for perceived dominant groups (i.e., 

white cisgender young adults) (Bivens & Hoque, 2018), these apps hardly leave room for 

minority groups to present themselves and find a perfect match, making their voice less likely 

to be heard. 

Gender minorities’ miserable experiences in online dating also raised scholars’ 

attention to dating algorithms’ impacts on social discrimination. Gieseking (2017) examined 

OkCupid’s algorithmic classification and found that some users in OkCupid were marked as 

“attractive” and received more attention from other users. Rolle (2019) also suggested that 

Tinder may reinforce user discrimination by running an algorithmic system called “Elo-

score.” This system ranks users according to their previous in-app behaviors and recommends 

users with those who have the same score. In this way, online dating algorithms can 
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determine who can be more visible and further reinforce stereotypes towards minority groups 

(Bartlett & Gulati, 2016). 

Online dating algorithms may also enlarge gender inequality by encouraging 

problematic masculinity (Haywood, 2018). Haywood (2018) pointed out that the ranking 

algorithms enable users, especially male users who traditionally exercise power over women, 

to compare women as if comparing commodities. It is likely for more attractive users to 

transform online dating platforms into a hunting ground where they can demonstrate their 

romantic skills and show off the “prey” they captured. This ideology can be even toxic for 

young adults as their self-perceptions are not fully developed (David & Cambre, 2016). 

- Business 

The algorithm is also a crucial factor that shapes the online dating industry (16.2%). 

Prior studies identified that all stakeholders, including platforms, third parties and users, can 

profit from online dating algorithms.  

Online dating platforms can increase revenue mainly through three methods: 1) 

promoting the swipe logic, 2) increasing premium users, and 3) exchanging user data 

(Abolfathi & Santamaria, 2020; Courtois & Timmermans, 2018; Rita et al., 2020; Sepulveda 

& Vieira, 2019). First, Abolfathi and Santamaria (2020) indicated that it was the swipe logic 

that made Tinder stand out. Swipe matching, which is more entertaining than traditional 

survey-based matching, attracted younger generations’ attention and successfully penetrated 

this previously overlooked market. To date, swipe algorithms have changed the online dating 

industry and become a fundamental technology for Tinder and other dating apps.  

Second, Courtois and Timmermans (2018) examined how algorithmic 
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recommendation works in Tinder and found that the platform manipulates search outcomes so 

as to push users to buy premium services. They stated:  

Especially for the free service, the key is to keep users sufficiently satisfied so they do 

not abandon the service too quickly, but not too satisfied so they would be inclined to 

convert to paying services. This means that the algorithm needs to dynamically 

alternate between encouraging users and restricting them (Courtois & Timmermans, 

2018, p. 7). 

This explains how algorithms implicitly encourage users to consume on dating platforms. 

Besides, dating companies, together with advertising companies, relative corporations 

and private sectors, can profit from the user data collected through algorithmic profiling. Kari 

(2017) suggested that survey-based dating platforms collect users’ personal information, 

including religion, culture, sex, and hobbies. See-and-screen dating platforms (e.g., Tinder) 

also collect users’ information from Facebook and Instagram (Cohen, 2018). These data feed 

algorithmic profiling and are sold to advertising companies and exchanged with relevant 

corporations (Albury et al., 2017). Albury et al. (2017) also indicated that some dating 

platforms even allow drug companies to sell their products and send personalized advertising 

on platforms. Although users largely criticize this marketing practice, dating platforms are 

reluctant to regulate themselves. This is because, according to Howard (2018, p. 33), 

“filtering and policing that content will cause their traffic to shrink, their expenses to rise, and 

their revenues to fall.” 

Dating platforms can also use user data collected through algorithms to understand 

user behaviors so as to promote products and vary service prices. Cohen (2018, p. 1721) 
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found that online dating algorithms will personalize service price depending on users’ 

previous behaviors, including “how often they look at the website, their past searches, the day 

of the week, the device they are using (mobile versus computer), whether they are using an ad 

blocker, their geo-localization, etc.” Namely, online dating companies increase their revenues 

through their unfair treatment of consumers and the exploitation of the data consciously or 

unconsciously uploaded by users.  

Users can also make a profit in online dating through algorithms, though it is less 

common than platforms and third parties’ business practices. Wang (2020) observed that 

users on Blued are inclined to use “yanzhi” algorithms, which score users’ external 

appearance and polish their pictures and videos so as to increase their attractiveness. This 

algorithm can help users gain extra income from online dating platforms as the more 

attractive they look, the more review and rewards they receive. 

- Political concerns 

The political issues (12.5%) about online dating algorithms include algorithmic 

governance in online dating and the government’s exploitation of algorithms as political 

tools. 

Informed by social constructionism, some scholars believe that algorithms govern the 

way online daters use platforms and implicitly shape their perceptions and social behaviors 

(Albury et al., 2017; Duguay et al., 2020). For instance, Tinder’s swipe logic limits users’ 

interaction in a superficial and disposable way; users can only indicate “yes” or “no” at the 

preliminary stage of dating (Costa Rodrigues & Baldi, 2017; David & Cambre, 2016). Rolle 

(2019, para. 16) also highlighted algorithms’ decisive role in mate matching: “Tinder 
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algorithms can actively decide to deny you a match, or several matches, simply by not 

showing them to you.” Moreover, scholars observed an “algorithmic belief” in online dating 

(Sharabi, 2020). Scientists’ unjustified claims about algorithms as being completely 

scientific, neutral, and intelligent may lead users to uncritically accept algorithmic 

recommendations (Schwartz & Velotta, 2018). Namely, algorithms not only govern whom to 

recommend but also influence how users perceive their recommendations.  

Additionally, platforms and politicians increasingly take advantage of algorithms to 

manipulate users and conduct political campaigns and propaganda in online dating. Kari 

(2017) indicated that online dating platforms may censor users’ behaviors and speeches to 

prevent undesirable harassment and discrimination. While this act can make dating platforms 

a safer space, it is suspicious that dating companies may exert excessive power over users in 

the name of legal censorship (Albury et al., 2017).  

Howard (2018) also mentioned that politicians are trying to reach the public and 

fulfill their political goals through algorithmic recommendations on dating platforms. For 

instance, some politicians may pretend to be daters and distribute flirt messages. Their 

conversations will eventually turn to politics and persuade more people to vote for them in 

elections. Governments are also willing to cooperate with dating apps to increase public 

welfare (e.g., educate users about sexually transmitted diseases and collect user data for 

health research) (Albury et al., 2017). This raises privacy problems about to what extent 

dating platforms should disclose customers’ personal data to government institutions and 

whether the cooperation between platforms and government reinforces governmental 

surveillance over the public.  
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- Ethics and morals 

Ethics and morals (8.8%) is one of the least mentioned issues concerning online 

dating algorithms. Scholars mainly question whether it is ethical to put daters’ fate totally in 

the hand of algorithmic decision-making. Since most daters are not aware of how algorithms 

work in online dating, they may simply regard algorithm-curated recommendations as default 

choices and replace their rational thinking with algorithmic decisions (Tong et al., 2016b). 

However, as Parisi and Comunello (2020) indicated, even algorithm designers may have little 

knowledge about algorithmic recommendation’s mechanism as the system works depending 

largely on machine learning. Schwartz and Velotta (2018) even suggested that behavioral 

scientists have not completely validated some decision models embedded in online dating 

matching algorithms. In this scenario, it is unethical to excessively rely on algorithms in mate 

matching.  

Research also identified several technological deficiencies of online dating algorithms 

that may raise ethical concerns. For example, since algorithmic profiling is incapable of 

verifying the authenticity of user accounts, personal information and pictures uploaded to 

connected social media (MacLeod & McArthur, 2019; Miguel, 2018), this deficiency can be 

exploited in multiple ways, including deception, sexual harassment and personal attack 

(Albury et al., 2017). Bivens and Hoque (2018, p. 453) also cast doubt on algorithms’ 

judgement criteria: “the measurable type of good and bad is based exclusively on what is 

available to measure.” This indicates a possibility that online daters may feel offended if they 

find the algorithmic profiling differs considerably from their perceived identities.  

- Privacy 
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While previous literature paid the least attention to online dating algorithms’ privacy 

concerns (5%), users’ data safety matters significantly as users’ personal information 

collected on dating platforms is more sensitive than on other social media (Kim et al., 2018). 

Albury et al. (2017) examined how users’ personal data is protected on Tinder and 

Grindr. They found that both apps clarified what and when users’ data were collected and 

promised they would not share identifiable data with third parties in their Privacy Policy. 

However, aggregated data, which can be de-identified through data analysis, was not under 

protection. Tinder also acknowledged that they would actively exchange users’ data with 

other companies in the Match Group. This, according to Albury et al. (2017, p. 5), threatens 

users’ right to control their personal data: “data created through one social media application, 

shifts and thus is stored across multiple proprietary servers, and, increasingly, move outside 

of end-user control.” 

Platforms and third parties may also exploit users’ data through malpractices that are 

not stated and prevented in the Privacy Policy. Kim et al. (2018) indicated that online dating 

companies can track users’ location to predict their movement. Howard (2018) also suggested 

that online dating platforms are incapable of and unwilling to regulate politicians who exploit 

algorithmic recommendations for political purposes. These misbehaviors increasingly 

endanger users’ privacy in online dating. 

Discussion 

To better understand online dating algorithms’ social impacts and ethical concerns 

associated with algorithm innovations, this section examined online dating algorithms 

through a technoethical assessment approach. The ultimate goal of this assessment is to 



39 
 

identify areas where online dating algorithms exert unethical influences and provide 

suggestions to better the relationship between algorithm technologies, online daters, dating 

platforms, government, and other relevant stakeholders.  

Informed by the findings of the systematic literature review, I assessed online dating 

algorithms from nine perspectives, including 1) theory, 2) socio-culture, 3) economy, 4) 

politics, 5) stakeholders, 6) levels of influence, 7) intended ends and possible side effects, 8) 

comparison of means and intended ends, and 9) overall assessments in terms of efficiency 

and fairness. Overall, this technoethical assessment presents a comprehensive analysis of 

online dating algorithms’ social and ethical impacts through the lens of technoethics. A 

summary of the technoethical assessment is presented in Table 3 (see Appendix E). 

- Theoretical perspectives 

This section assessed online dating algorithms’ design from two perspectives of 

ethical theories: right ethics and relational ethics.  

To begin with, focusing on individuals’ inherent right, the right ethics assumes that 

every individual possesses a natural-born right to be treated equally in society (Locke, 1690). 

Namely, an ethical action should not build on the harm and deprivation of others’ rights but to 

widely promote social justice and liberty under institutions and organizations’ help (Rawls, 

1970).  

From the right perspective, online dating algorithms can be less ethical than expected. 

Indeed, algorithms’ matching and filtering features offer minority groups, who are 

traditionally marginalized in online and offline dating, equal opportunities to seek potential 

partners as dominant groups (Mazur, 2020). However, the ranking and profiling system 
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cannot guarantee equal visibility for each user. Rolle (2019, para. 5) argued: “some 

information of a certain group is prioritized, which affords them greater visibility, while 

others are rendered invisible.” Besides, dating platforms incite more users to pay for premium 

services by restricting the number of algorithmic recommendations (Courtois & 

Timmermans, 2018). Therefore, certain groups (usually social minorities and lower-class 

users) can be deliberately invisibilized by either algorithms or dating platforms, resulting in a 

violation of users’ fundamental rights.  

Relational ethics is another important perspective in ethics theories. Focusing on the 

communication between individuals, this perspective believes that ethical actions are derived 

from productive and healthy relationships built and maintained by mutual and reciprocal 

communications (May et al., 2013). For example, people can show respect to others by 

listening carefully to their talks and express their goodwill with caring words (Gilligan, 

2008). This reciprocal conversation will eventually encourage bi-directional ethical actions 

such as trust and responsibility.  

In this scenario, online dating algorithms may not promote ethical actions because this 

technology hinders daters’ reciprocal interactions. As MacLeod and McArthur (2019) 

mentioned, online dating algorithms mainly serve to facilitate the profiling and matching 

function instead of helping users build intimate relationships with others. In survey-based 

dating platforms, users need to fill in a long questionnaire concerning their personalities, 

hobbies, religions, mate preferences, etc. However, this profiling method complicates the 

dating process as few offline daters ask such sensitive questions on their first date (Kao, 

2016). See-and-screen dating platforms, on the other hand, limit users’ interaction to a simple 
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gesture of swiping and a binary option to indicate their dating intentions (David & Cambre, 

2016). Therefore, according to Degen and Kleeberg-Niepage (2020, para. 58), users’ 

interaction in online dating can be hardly reciprocal as daters only “check partner suggestions 

passively as they are received.” This probably explains why although online dating 

algorithms become increasingly efficient, they still fail to facilitate long-term romantic 

relationships.  

- Socio-cultural perspectives 

Informed by Actor-Network Theory, online dating algorithms mediate, influence and 

are influenced by cultural and social contexts (Albury et al., 2017). This is to say, online 

dating algorithms, on the one hand, reflect programmed social and cultural values and bias, 

while on the other hand, actively magnify or shift these ideologies through their interactions 

with users and other social actors.  

Dating culture is the one that has been considerably shaped by online dating’s swipe 

logic. As Finkel et al. (2012, p. 19) mentioned, “not only has online dating rapidly become a 

pervasive means through which singles seek to meet potential romantic partners, but it has 

fundamentally altered the acquaintance process.” Daters regard online dating as a “pre-date” 

stage that allows daters to think about their mate preference, implicitly explore others’ dating 

intentions and make cautious decisions about their future partners (Haywood ,2018). This 

“pre-date” concept was created after dating platforms introduced algorithmic profiling and 

matching, which, at the very beginning, were designed by dating platforms to demonstrate 

online dating’s superiority and attract more people to use their products (Gillespie, 2014). At 

present, with numerous online dating companies advertising their algorithms’ efficiency in 
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finding “perfect” matches, algorithmic profiling and recommendation have become an 

essential stage in both online and offline dating (Sharabi, 2020). The swipe gesture even 

gains a cultural meaning of “yes” and “no,” and indicating dating intentions with the swipe 

gesture also becomes a dating norm before online daters chat and meet each other (Costa 

Rodrigues & Baldi, 2017).  

While the dating culture is getting more dynamic after its blend with algorithmic 

culture, it is noteworthy that online dating algorithms are also gaining power in ruling daters 

as well as the public’s perceptions of gender and identity. As Bivens and Hoque (2018) 

mentioned, how genders are conceived and presented in online dating algorithms can be 

problematic. Gender minorities may find it difficult to present themselves as in some dating 

apps, gender options are limited to “male” and “female.” This binary and cisgendered 

algorithm design not only indicates an existing social ignorance of gender minorities but also 

reinforces gender bias and discriminations towards LGBTQ groups (Bivens & Hoque, 2018). 

Additionally, as Haywood (2018, p. 148) argued, “a crucial aspect of masculinity is that it is 

constituted through how men exercise power over women and create the conditions for how 

relationships take place.” In this scenario, Tinder’s swipe logic may reinforce the stereotype 

of masculinity through its commodification of users, especially women users. 

Moreover, algorithmic matching in online dating may compromise daters’ self-

perceptions. According to Cooley’s (1922) looking-glass-self theory, people’s self-

perceptions are constantly changing depending on how they perceive others view them. This 

is to say, different social settings may lead to different ways of interpreting self (Hinde, 

2001). In online dating, as algorithms construct the “reality” through screening and filtering, 
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people’s self-perceptions can be greatly affected by dating platforms’ social affordance 

(Jones, 2015). Therefore, algorithms’ decisions on whom to recommend, how to profile users, 

and what to present will largely influence users’ perceptions of “online dating reality” and 

eventually shift their self-concepts. 

Overall, it is imperative to raise the public as well as online dating platforms’ 

awareness of algorithms’ influential potential on dating culture, gender ideologies and users’ 

personal development. Algorithms should not only provide efficient recommendations but 

also increase users’ welfare and do social good. Therefore, algorithm designers should pay 

more attention to existing social and cultural biases and try to avoid programming them in 

algorithms. 

- Economic perspectives 

As analyzed in previous sections, it is the algorithm that attracts more users to online 

dating platforms and boosts the online dating industry. First, the swipe logic based on 

algorithmic profiling and recommendation successfully opened niche markets such as 

younger generations, marginalized groups and aging adults (Abolfathi & Santamaria, 2020; 

Erjavec & Fiser, 2016). This is because swipe algorithms simplify the dating process, which 

is convenient for elderly users and entertaining for youngers, and enable users to personalize 

mate recommendations according to their unique preferences.  

In addition, online dating platforms make a considerable contribution to the data-

driven economy where users’ personal data are monetized through an automatic and 

algorithm-driven process of collection, aggregation, curation, analysis and exchange (Kumar 

et al., 2018). Online dating platforms can utilize user data to update online dating algorithms 
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and exchange the aggregated data with advertising companies and other relevant 

organizations (Albury et al., 2017). Advertising companies can also benefit from data 

analysis as they can better understand consumer behaviors (Courtois & Timmermans, 2018). 

Wang (2020a) also argued that as some dating apps are featured with live streaming, users 

can also live stream on online dating platforms and profit from virtual gifts and likes sent by 

other users.  

At first glance, algorithms seem to have completely positive impacts on the online 

dating industry and data economy. A closer look, however, reveals dating platforms’ implicit 

exploitation of user data as well as digital labors. To begin with, Cohen (2018) and Nuccio 

and Guerzoni (2019) demonstrated that users’ personal data and using behaviors collected 

through algorithmic profiling and recommendation can be important sources of pricing 

strategy. While this strategy directly increases online dating platforms’ revenue, it also 

betrays consumers’ trust by ranking users, violating market fairness and reinforcing economic 

discrimination. Wang (2020b, p. 506) also pointed out an asymmetric economic power 

between online dating platforms and live streamers: “gay men’s performative labor have been 

increasingly institutionalized, professionalized, and datafied as corporate assets. Thus 

transformed, these assets are used by Blued to expand sexually affective data production.” In 

this scenario, it is increasingly necessary to introduce regulations and policies on how, to 

what extent and for what purposes that dating platforms and relevant organizations can access 

and use daters’ personal data.  

- Political perspectives 

This perspective explores how dating platforms and government influence the 
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functions and innovations of online dating algorithms and exert power over online daters 

through “algorithmic beliefs.” 

One ethical dilemma raised in previous studies is whether governments and 

organizations should use online dating platforms for social good. For example, Albury et al. 

(2017) mentioned that U.S. National Institute of Health collected data of gay users’ dating 

platform usage and sexual behaviors for national research on HIV prevention. While this 

research may contribute valuable data to advancing health studies, it also provides a 

legitimizing reason for governments to collect private data. Furthermore, the government’s 

access to online dating data can also expand and normalize national surveillance under the 

guise of “the common good.” Online dating companies are also suspected of reinforcing 

governmental control over the public by lending government excessive rights to their 

databases. Albury et al. (2017, p. 8) indicated: “digital companies are rarely willing to discuss 

the details of law enforcement and intelligence agencies’ access to their customer databases, 

or the degree to which they assist or resist such access.” In this way, online dating algorithms 

can be exploited as surveillance tools and further threaten online democracy. 

Moreover, online dating platforms can use algorithms to influence daters’ perceptions 

so as to achieve hidden political and economic goals. As Schwartz and Velotta (2018) 

mentioned in previous sections, online dating platforms tend to advertise their products as 

scientific and efficient, though parts of their algorithmic models have not been totally 

accepted by experts. Sharabi (2020) supported this finding and further argued that it is 

through this inaccurate claim that online dating companies foster an “algorithmic belief” 

among users. This belief in algorithms’ objectiveness and superiority increases customer 
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stickiness and ensures more revenue for online dating platforms. Therefore, we should be 

cautious about online dating algorithms’ political potential and prevent them from being 

exploited as surveillance and manipulating tools. 

- Stakeholders’ perspectives 

This perspective examines the relationship between online dating algorithms’ 

stakeholders and questions whether online dating algorithms exert positive influences on 

stakeholders.  

There are six major stakeholders associated with online dating algorithms, including 

online dating platforms, algorithm programmers, users/online daters, advertising companies, 

relevant corporations and organizations (e.g., pharmacies and research centers), and 

governments (Albury et al., 2017; Howard, 2018; Schwartz & Velotta, 2018). Clearly, the 

power relationship between stakeholders can be asymmetric; all the other five stakeholders 

can benefit from online daters’ interaction with algorithms. This power imbalance is achieved 

through dating platforms’ manipulation of online dating algorithms and their monetization of 

user data collaboratively with advertising companies and external organizations. In addition, 

few online dating companies disclose how their algorithms are designed and regulated 

(Schwartz & Velotta, 2018). This situation exacerbates the unequal relationship as users have 

little knowledge of how their online behaviors are ruled and their personal data are collected 

by algorithms.  

It is also noteworthy that “upper-class” stakeholders may also conflict with each 

other. For example, as Albury et al. (2017) mentioned, online dating platforms are cautious 

when cooperating with government institutions as it is difficult to decide to what extent 
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platforms should disclose their users’ personal data. Algorithm programmers also face an 

ethical dilemma: whether and to what extent they should transfer daters into consumers 

(Wayner, 2014). While platforms wish to increase their revenue by increasing the number of 

paying users, they may require algorithm programmers to limit the amount of algorithmic 

recommendation in free services and equip algorithms with user ranking systems (Courtois & 

Timmermans, 2018). Algorithm programmers, as a result, are caught in the middle between 

platforms and users. 

- Levels of influence 

As algorithmic profiling and recommendation have been prevalently used in various 

transnational dating platforms, these technologies have a global influence at both individual 

level as well as social level.  

At an individual level, as mentioned in previous sections, online dating algorithms 

directly determine how to profile users and what information can be shown to users. It may 

also influence users’ self-perceptions and gender ideologies through the interaction. Besides, 

Sepulveda and Vieira (2019) suggested that it can be difficult for online daters to be aware of 

algorithms’ existence. This indicates a more profound influence that online dating algorithms 

may have over users beyond our expectations. 

At a social level, online dating algorithms enable singles from different places to seek 

their romance regardless of cultural background. Especially during the COVID-19 pandemic, 

with most regions being under the lockdown policy, an increasing number of people turned 

into online dating and chatted with people worldwide. This, however, raises a problem that 

the values embedded in algorithms can be unethical in other cultural backgrounds (Cohen, 
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2018). Also, as Albury et al. (2017) mentioned, online dating’s globalization poses a huge 

risk on the transnational regulation of online dating industry. For example, while the EU 

launched General Data Protection Regulation (GDPR) to protect social media users’ privacy 

and information transparency in European Economic Area, other countries and regions (e.g., 

China), may not have similar regulations or cover the same protection areas (GDPR-Info, 

2018; Huang, 2019). As this situation is getting ever complicated, it is necessary to examine 

online dating algorithms’ global influences and have worldwide nations regulate online 

dating industries and users’ data safety collaboratively.  

- Intended ends and possible side effects 

From the user perspective, online dating algorithms’ intended end is to provide 

“perfect” mate recommendations according to users’ mate preferences. While algorithmic 

profiling and matching make online dating more efficient, this intended end can have 

negative impacts on users’ perceptions (e.g., cause identity crisis and lower self-esteem when 

users fail to get matched and receive appropriate profiling), dating culture (e.g., 

overemphasize algorithmic matching as an important stage in online dating) and human-

algorithm relationships (e.g., reinforce algorithmic governance on users’ decision-making 

process) (David & Cambre, 2016; Degen & Kleeberg-Niepage, 2020; Gieseking, 2017).  

From the perspective of online dating platform, except for the intended end mentioned 

above, advanced algorithms can also help online dating platforms stand out and achieve 

economic goals (e.g., attract more active users and increase subscribers and paying users). So 

far, algorithms can fulfill these intended ends as Albury et al. (2017) indicated that all 

Grindr’s revenue is based on algorithm-driven features (i.e., subscription to premium services 
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and in-app advertising). However, these intended ends raise significant side effects over 

users. These side effects range from compromising user experience (e.g., limit the number of 

recommendations, conduct pricing discrimination, commodify users, etc.) to threatening 

users’ data safety (e.g., sell and exchange data with advertising companies and third parties, 

conduct implicit user profiling, etc.) (Albury et al., 2017; Courtois & Timmermans, 2018; 

Haywood, 2018).  

In this scenario, future research should pay more attention to online dating algorithms’ 

side effects on users’ personal development, culture, human-technology relationship, user 

experience and privacy issues.  

- Comparison of means and intended ends 

Online dating algorithms are indispensable means to achieve most intended ends 

mentioned above. As online dating’s foundational technology, algorithms serve as online 

dating platforms’ core component and ultimately boost the global online dating industry. 

While online dating algorithms are getting increasingly efficient and professional in sorting 

and matching, previous studies still identified several technical problems that hinder 

algorithms from achieving their intended end. These problems include failing to distinguish 

false and aggressive information and messages (Miguel, 2018), oversimplifying profiling and 

matching criteria (MacLeod & McArthur, 2019), and using unjustified theories and models to 

predict user behaviors and preferences (Schwartz & Velotta, 2018). As these technical issues 

may exacerbate algorithms’ side effects over users’ mental health and gender perceptions 

(Gieseking, 2017), online dating platforms and algorithm designers should take algorithms’ 

social impacts into account and avoid programming cultural bias in their algorithms.  
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However, regarding intended ends of increasing paying users’ amount and facilitating 

in-app advertising, the algorithm may not be an appropriate avenue. On the one hand, making 

a profit from user profiling and pricing discrimination may not only raise ethical problems 

but also leave online dating users a sense of betrayal. While on the other hand, algorithm-

based revenue supports a large part of the online dating industry, which makes it difficult for 

online dating platforms to completely forgo this income (Albury et al., 2017). Also, 

Hosanagar and Jair (2018) suggested that informing users of how algorithms function in 

online dating and profit from users poses a challenge to platforms as this act may decrease 

their competitiveness. This situation raises significant questions for future research and the 

online dating industry to think about. For example, should online dating companies profit 

through algorithmic user profiling? Should and how can online dating companies abate their 

reliance on algorithm-based revenues? And to what extent should online dating platforms 

disclose their algorithm mechanism? (Webb et al., 2019) Overall, the goal is to promote an 

ethical innovation in algorithms’ design and ameliorate their potential harm to user 

experience and data safety.  

- Overall assessment in terms of efficiency and fairness 

As Finkel et al. (2012) mentioned, compared with traditional in-person dating, which 

involves considerable effort and time in mate-seeking, matching and decision-making, 

algorithmic online dating significantly improves the efficiency of this process. However, it is 

controversial whether algorithms improve the efficiency of communication in online dating. 

Previous sections examined how the binary gender option hinders users from presenting their 

identity (MacLeod & McArthur, 2019), and how the swipe logic over-accelerates the dating 



51 
 

process and turns mate matching into online shopping (Degen & Kleeberg-Niepage, 2020; 

Haywood, 2018). Instead of making the matching process more efficient, algorithms 

institutionalize users’ mate matching in an over-simplified and unidirectional way, 

discouraging users from reciprocal interactions. It is necessary for online dating platforms to 

be aware of the fact that an algorithm is not merely a mathematic program but an influential 

technology that interacts with users as well as mediating the interactions between users. Thus, 

to fulfill algorithms’ intended goals of connecting users, online dating companies should be 

cautious of algorithms’ influential potential and program their algorithms to encourage more 

creative self-presentation and more productive interactions between users in mate matching.  

Besides, as a technology that intends to promote equal opportunities for users to find 

romance on the internet, algorithms may grant more privilege to those favored by capitalists 

and render marginalized groups even invisible (Rolle, 2019). As Albury et al. (2017, p. 2) 

mentioned, “seemingly mundane technical features of digital media platforms, apps and 

devices mediate among the competing interests of the corporations providing the platforms, 

the advertisers and data miners who exploit the data generated by users, and diverse 

communities of users themselves.” In this scenario, online dating companies should take all 

stakeholders, especially online daters’ interests into consideration and avoid exploiting 

algorithms as economic and political tools.  
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Chapter 5: Conclusion 

Summary of research findings 

Informed by social constructionism, Actor-Networking Theory and Technology 

Mediation Theory, this research explored online dating algorithms’ social impacts and ethical 

innovations through a systematic literature review and a technoethical assessment of online 

dating algorithms’ design and application.  

Through the systematic literature review, this work identified seven major social and 

ethical issues around online dating algorithms, including personal development, culture, 

social equality, business, political concerns, ethics and morals, and privacy. This result 

reveals online dating algorithms’ potential influences from multiple levels and perspectives.  

At an individual level, while online dating platforms provide opportunities for singles 

– especially introverts and minority groups – to find potential partners through the internet, 

online dating algorithms’ problematic mechanism and category design may trigger negative 

impacts on users’ mental health and identity formation. At a social level, dating culture, 

gender perceptions and social structures co-evolve through the interaction between online 

dating algorithms and social actors. On the one hand, algorithm designers may program 

biased perceptions (including cultural bias and economic and political aims) into algorithms’ 

architecture. On the other hand, these biased perceptions are intensified through algorithmic 

profiling and recommendation, further reinforcing biased social norms and culture in reality. 

At an institutional level, online dating algorithms can be exploited by corporations and 

institutions to increase revenue and fulfill political purposes (e.g., propaganda and 

manipulation of public behaviors and perceptions). This exploitation also poses daters’ 
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privacy and data safety under threats as individuals have little control of their personal data, 

nor they know how and when algorithms dig their data. At an ethical level, it is controversial 

whether online dating algorithms deprive daters’ rights of making decisions and whether it is 

ethical to allow algorithms to judge humans according to pre-set or machine-learned criteria.  

Based on the result of systematic literature review, a technoethical assessment of 

online dating algorithms’ innovation discloses ethical concerns from perspectives of theory, 

socio-culture, economy, politics, stakeholders, levels of influence, intended ends and possible 

side effects, comparison of means and intended ends, and overall assessments in terms of 

efficiency and fairness. These ethical concerns include 1) algorithms’ deprivation of 

reciprocal communication, 2) cultural and social bias reinforced by irresponsible algorithm 

design, 3) online dating industry’s exploitation of user data, 4) pricing discrimination 

reinforced by algorithm classification, 5) institutional power mediated through algorithms, 6) 

online dating platforms’ surveillance potential, and 7) algorithm transparency. This result 

demonstrates that online dating algorithms’ design shares the same ethical problems as those 

identified in previous literature, i.e., autonomy, accountability, and transparency.  

Implications 

The present work contributes strategic information on the opportunities and 

challenges of online dating algorithms’ ethical design. Overall, it calls for more public 

awareness of online dating algorithms’ influential potential and online dating platforms’ 

responsible design, use and regulation of online dating algorithms. 

First, the technoethical assessment revealed an insufficient attention given to online 

dating algorithms’ potential influences on users, culture and social norms in their design. 
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While most online dating platforms focus on algorithms’ efficiency, superiority and 

complexity, it is of equal importance for platforms to ensure their algorithms are human-

centered and serving to facilitate reciprocal communication and healthy relationships between 

users. Algorithm designers should be aware of their responsibilities to design unbiased or 

less-biased algorithms. This requires online dating platforms and programmers to fully 

evaluate perceptions, cultures and values embedded in their products and take all 

stakeholders’ (especially elders, disabled people, gender and racial minorities) interests into 

account.  

Besides, it is necessary to reinforce regulations on for what purpose that online dating 

platforms and institutions can exploit algorithms and users’ personal information. As 

Katzenbach and Ulbricht (2019, para. 26) indicated, “in many cases, data collection, data 

analysis and governance measures lie in the responsibility of both police agencies and private 

companies, often in complex constellations.” Although many countries and regions launched 

laws and regulations (e.g., The Personal Information Protection and Electronic Documents 

Act (PIPEDA) in Canada and GDPR in EU) to protect individuals’ privacy from 

governmental surveillance and business exploitation, some of them are not measurable and 

executable given the complicated internet environment (Blacklaws, 2018). For instance, both 

PIPEDA and GDPR restrict the protection of “personal information” to identifiable 

information (GDPR-Info, 2018; Office of the Privacy Commissioner of Canada., 2014). 

Online dating platforms may take advantage of this regulation to exploit aggregated data and 

profit from the data exchange. Therefore, this research calls for more applicable regulations 

catered for online dating algorithms to prevent algorithms from negative exploitations. 
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Limitations and future directions 

Regarding this study’s limitations, the first to be noticed is an insufficient 

comprehensiveness of literature selection. Although there is an increasing number of studies 

focusing on online dating algorithms’ social impacts and ethical concerns, most of these 

studies limited their attention to online dating algorithms’ problematic gender settings and 

their influences on gender inequality. Therefore, the mutual influences between online dating 

algorithms, dating cultures, individuals’ self-perceptions, online dating platforms’ business 

model and governmental surveillance are not well explicated in the present study. I encourage 

future studies to pay more attention to the diverse role that online dating algorithms play in 

online dating platforms as well as in society.  

Another limitation of this study is the lack of empirical data on online dating 

algorithms’ design and mechanism. As few online dating companies disclosed how 

algorithms work in their platforms, in this study, I conducted the technoethical assessment 

based on second-hand data collected in previous studies. This may limit the depth and scope 

of the technoethical assessment. Therefore, future studies are encouraged to investigate online 

dating algorithms’ ethical design based on first-hand data and empirical experience. Besides, 

I also encourage future research to examine online dating algorithms from interdisciplinary 

perspectives, collaboratively contributing professional insights into algorithms’ innovation 

from perspectives of communication, sociology, engineering, psychology, ethics, politics and 

economics.  

  



56 
 

Bibliography 

Abolfathi, N., & Santamaria, S. (2020). Dating disruption—How Tinder gamified an industry. 

MIT Sloan Management Review, 6. 

Ahuvia, A. C., & Adelman, M. B. (1992). Formal intermediaries in the marriage market: A 

typology and review. Journal of Marriage and the Family, 54, 452–463. 

https://doi.org/10.2307/353076. 

Aizenberg, E., & van den Hoven, M. J. (2020). Designing for human rights in AI. Big Data & 

Society, 7(2), 1-14. https://doi.org/10.1177/2053951720949566. 

Albury, K., Burgess, J., Light, B., Race, K., & Wilken, R. (2017). Data cultures of mobile 

dating and hook-up apps: Emerging issues for critical social science research. Big 

Data & Society, 4(2), 1-11. https://doi.org/cc10.1177/2053951717720950. 

Becker, K. (2009). The power of classification: Culture, context, command, control, 

communications, computing. In K., Becker, F., Stalder (Eds.) Deep search: The 

politics of search beyond Google. Studienverlag & Transaction. 

Beever, J., McDaniel, R., & Stanlick, N. A. (2019). Moral algorithms and ethical machines 

(programmability and procedurality). In J. Beever, R. McDaniel, & N. A. Stanlick 

(Eds.), Understanding digital ethics (1st ed., pp. 80–104). Routledge. 

https://doi.org/10.4324/9781315282138-6. 

Berger, P. L. & Luckmann, T. (1996). The social construction of reality: A treatise in the 

sociology of knowledge. Penguin Education. 

Best, K., & Delmege, S. (2012). The filtered encounter: Online dating and the problem of 

filtering through excessive information. Social Semiotics, 22(3), 237–258. 



57 
 

https://doi.org/10.1080/10350330.2011.648405. 

Bijker, W. (1995). Sociohistorical technology studies. In S. Hasanoff, G. E. Markle, J. C. 

Peterson and T. J. Pinch (Eds.), Handbook of science and technology studies (pp. 229-

256). Sage. 

Bivens, R., & Hoque, A. S. (2018). Programming sex, gender, and sexuality: Infrastructural 

failure. Canadian Journal of Communication, 43, 441–459. 

http://doi.org/10.22230/cjc.2018v43n3a3375. 

Blacklaws, C. (2018). Algorithms: transparency and accountability. Philosophical 

transactions of the royal society of London, 376, 20170351. 

https://doi.org/10.1098/rsta.2017.0351.  

Bonilla-Zorita, G., Griffiths, M., & Kuss, D. (2020). Online dating and problematic use: A 

systematic review. International Journal of Mental Health and Addiction. 

https://doi.org/10.1007/s11469-020-00318-9. 

Brainz. (n.d.). History of online dating. http://brainz.org/history-online-dating/. 

Breslow, A., Sandil, R., Brewster, M., Parent, M., Chan, A., Yucel, A., Bensmiller, N., & 

Glaeser, E. (2020). Adonis on the apps: Online objectification, self-esteem, and sexual 

minority men. Psychology of Men & Masculinity, 21(1), 25–35. 

https://doi.org/10.1037/men0000202. 

Burr, V. (2003). Social constructionism (2nd ed.). Routledge. 

Bucher, T. (2017). The algorithmic imaginary: Explore the ordinary affects of Facebook 

algorithms. Information, Communication & Society, 20, 30–44. 

https://doi.org/10.1080/1369118X.2016.1154086. 



58 
 

Bucher, T. (2018). If...then: Algorithmic power and politics. Oxford University Press. 

Callon, M. (1986). Some elements of a sociology of translation: Domestication of the 

scallops and the fishermen of St. Brieuc Bay. In J. Law (Ed.), Power, action and 

belief: A new sociology of knowledge? (pp. 196–233). Routledge & Kegan Paul. 

Carr, A. (2016, November 1). I found out my secret internal Tinder rating and now I wish I 

hadn’t. Fast Company. https://www.fastcompany.com/3054871/whats-your-tinder-

score-inside-the-apps-internal-ranking-system. 

Carter, N., Bryant-Lukosius, D., DiCenso, A., Blythe, J., & Neville, A. (2014). The use of 

triangulation in qualitative research. Oncology Nursing Forum, 41(5), 545–547. 

https://doi.org/10.1188/14.ONF.545-547. 

Chandler, D., & Munday, R. (2016). Algorithm. In A dictionary of media and communication 

(2nd ed.). Oxford University Press. 

Cheney-Lippold, J. (2011). A new algorithmic identity: Soft biopolitics and the modulation of 

control. Theory Culture and Society, 28(6), 164–181. 

https://doi.org/10.1177/0263276411424420. 

Cohen, M. C. (2018). Big data and service operations. Production and Operations 

Management, 27(9), 1709–1723. https://doi.org/10.1111/poms.12832. 

Cojocaru, S., Bragaru, C., & Ciuchi, O. M. (2012). The role of language in constructing 

social realities: The appreciative inquiry and the reconstruction of organizational 

ideology. Revista de Cercetare si Interventie Sociala, 36, 31–43. 

Cooley, C. (1922). Human nature and the social order. C. Scribner’s sons. 

Costa Rodrigues, R. P., & Baldi, V. (2017). Interaction mediated by a swipe culture: An 



59 
 

observation focused on mobile dating applications. In 2017 12th Iberian Conference 

on Information Systems and Technologies (CISTI), 1-4. 

http://doi.org/10.23919/CISTI.2017.7975868. 

Courtois, C., & Timmermans, E. (2018). Cracking the Tinder code: An experience sampling 

approach to the dynamics and impact of platform governing algorithms. Journal of 

Computer-Mediated Communication, 23(1), 1–16. 

https://doi.org/10.1093/jcmc/zmx001. 

Craib, I. (1997). Social constructionism as a social psychosis. Sociology, 31(1), 1–15. 

https://doi.org/10.1177/0038038597031001002. 

David, G., & Cambre, C. (2016). Screened intimacies: Tinder and the swipe logic. Social 

Media + Society, 2(2), 1-11. https://doi.org/10.1177/2056305116641976. 

Degen, J., & Kleeberg-Niepage, A. (2020). The more we Tinder: Subjects, selves and society. 

Human Arenas. https://doi.org/10.1007/s42087-020-00132-8. 

Djordjevic, B., Spirtovic, O., & Acimovic, D. (2016). Social constructivism and technology. 

International Journal of Business and Social Science, 7(11), 178-189. 

Duguay, S., Burgess, J., & Suzor, N. (2020). Queer women’s experiences of patchwork 

platform governance on Tinder, Instagram, and Vine. Convergence: The International 

Journal of Research into New Media Technologies, 26(2), 237–252. 

https://doi.org/10.1177/1354856518781530 

Ellison, N., Heino, R., & Gibbs, J. (2006). Managing impressions online: Self‐presentation 

processes in the online dating environment. Journal of Computer-Mediated 

Communication, 11(2), 415–441. https://doi.org/10.1111/j.1083-6101.2006.00020.x. 



60 
 

Erjavec, K., & Fiser, S. Ž. (2016). Aging adults about online dating: “I am back on the 

relationship market!” Polish Sociological Review, 195, 361–371. 

Eror, A. (2016). How Tinder destroyed my self-esteem. Highsnobiety. 

https://www.highsnobiety.com/p/tinder-destroyed-self-esteem/. 

Fan, Z., & Ge, Y. (2018). The influence of technoethics on industrial design. MATEC Web of 

Conferences, 167, 1008. https://doi.org/10.1051/matecconf/201816701008. 

Finkel, E. J., Eastwick, P. W., Karney, B. R., Reis, H. T., & Sprecher, S. (2012). Online 

dating: A critical analysis from the perspective of psychological science. 

Psychological Science in the Public interest, 13(1), 3–66. 

https://doi.org/10.1177/1529100612436522. 

Flug, K. C. (2016). Swipe, right? Young people and online dating in the digital age. Retrieved 

from Sophia, the St. Catherine University repository website: 

https://sophia.stkate.edu/msw_papers/578. 

Galbin, A. (2014). An introduction to social constructionism. Social Research Reports, 26, 

82–92. 

GDPR-Info (2018, May 25). General Data Protection Regulation. https://gdpr-info.eu/. 

Gieseking, J. J. (2017). Messing with the attractiveness algorithm: A response to queering 

code/space. Gender, Place & Culture, 24(11), 1659–1665. 

https://doi.org/10.1080/0966369X.2017.1379955. 

Gillespie, T. (2014). The relevance of algorithms. In T. Gillespie, P. J. Boczkowski & K. A. 

Foot (Eds.), Media technologies: Essays on communication, materiality, and society 

(pp. 167-198). The MIT Press. 



61 
 

Gilligan, C. (2018). Moral orientation and moral development. In V. Held (Ed.), Justice and 

Care: Essential Readings in Feminist Ethics (pp. 31-46). Taylor and Francis. 

https://doi.org/10.4324/9780429499463. 

Hall, J., Park, N., Song, H., & Cody, M. (2010). Strategic misrepresentation in online dating: 

The effects of gender, self-monitoring, and personality traits. Journal of Social and 

Personal Relationships, 27(1), 117–135. https://doi.org/10.1177/0265407509349633. 

Hans K. K., & Kleinman, D. l. (2002). The social construction of technology: Structural 

considerations. Science, Technology, & Human Values, 27(1), 28–52. 

https://doi.org/10.1177/016224390202700102. 

Haywood, C. (2018). Mobile romance: Tinder and the navigation of masculinity. In C. 

Haywood (Ed.), Men, masculinity and contemporary dating (pp. 131–166). Palgrave 

Macmillan UK. https://doi.org/10.1057/978-1-137-50683-2_5. 

Heller, P. (2012). Technoethics: The dilemma of doing the right moral thing in technology 

applications. International Journal of Technoethics, 3(1), 14–27. 

https://doi.org/10.4018/jte.2012010102. 

Hinde, F. (2001). Relationships and the self-concept. Personal Relationships, 8(2), 187–204. 

https://doi.org/10.1111/j.1475-6811.2001.tb00035. 

Hitsch, G. J., Hortaçsu, A., & Ariely, D. (2010). Matching and sorting in online dating. 

American Economic Review, 100 (1), 130-163. https://doi.org/10.1257/aer.100.1.130. 

Hosanagar, K., & Jair, V. (2018, July 23). We need transparency in algorithms, but too much 

can backfire. Harvard Business Review. https://hbr.org/2018/07/we-need-

transparency-in-algorithms-but-too-much-can-backfire. 



62 
 

Howard, P. N. (2018). The rise of computational propaganda. IEEE Spectrum, 55(11), 28–33. 

Huang, J. (2019). Chinese private international law and online data protection. Journal of 

Private International Law, 15(1), 186–209. 

https://doi.org/10.1080/17441048.2019.1599771. 

Ihde, D. Technology and the lifeworld: From garden to earth. Indiana University Press. 

Jia, Y., Liu, X., & Xu, W. (2018). When online dating meets nash social welfare: Achieving 

efficiency and fairness. Proceedings of the 2018 World Wide Web Conference on 

World Wide Web - WWW ’18, 429–438. https://doi.org/10.1145/3178876.3186109. 

Jones, J. M. (2015) The looking glass lens: Self-concept changes due to social media 

practices. The Journal of Social Media in Society, 4(1), 100–125. 

Jung, J. H., Bapna, R., Ramaprasad, J., & Umyarov, A. (2019). Love unshackled: Identifying 

the effect of mobile app adoption in online dating. MIS Quarterly, 43(1), 47–72. 

https://doi.org/10.25300/MISQ/2019/14289. 

Just, N., & Latzer, M. (2017). Governance by algorithms: Reality construction by algorithmic 

selection on the Internet. Media, Culture & Society, 39(2), 238–258. 

https://doi.org/10.1177/0163443716643157. 

Kao, A. (2016). Tinder: True love or a nightmare? Advanced Writing: Pop Culture 

Intersections. Paper 16. https://scholarcommons.scu.edu/engl_176/16. 

Katzenbach, C. & Ulbricht, L. (2019). Algorithmic governance. Internet Policy Review, 8(4). 

https://doi.org/10.14763/2019.4.1424. 

Kitchenham, B., Pretorius, R., Budgen, D., Pearl Brereton, O., Turner, M., Niazi, M., & 

Linkman, S. (2010). Systematic literature reviews in software engineering – A tertiary 



63 
 

study. Information and Software Technology, 52(8), 792–805. 

https://doi.org/10.1016/j.infsof.2010.03.006. 

Kitchin, R. (2016). Thinking critically about and researching algorithms. Information, 

Communication & Society, 20(1), 14–29. doi:10.1080/1369118X.2016.1154087. 

Kline, R. R. (2001). Technological determinism. In N. J. Smelser & P. B. Baltes (Eds.), 

International encyclopedia of the social & behavioral sciences (pp. 15495–15498). 

Pergamon. https://doi.org/10.1016/B0-08-043076-7/03167-3. 

Kumar, S., Chik, W., Ng, S.-K., & Teo, S.G. (2018). The data economy: Implications from 

Singapore (1st ed.). Routledge. https://doi-

org.proxy.bib.uottawa.ca/10.4324/9780429433658. 

Latour, B. (2005). Reassembling the social: An introduction to actor-network-theory. Oxford 

University Press. 

Latour, B. (1991). Technology is society made durable. In J. Law (Ed.), A sociology of 

monsters: Essays on power, technology and domination (pp. 103–131). Routledge. 

Latour, B., & Woolger, S. (1979). Laboratory life, the social construction of scientific facts. 

Princeton paperbacks. 

Locke, J. (1690). An essay concerning human understanding. Oxford University Press. 

Luppicini, R. (2008). Introducing technoethics. In R. Luppicini & R. Adell (Eds.), Handbook of 

research on technoethics (pp. 1-18). Hershey: Idea Group Publishing. 

Luppicini, R. (2010). Technoethics and the evolving knowledge society: Ethical issues in 

technological design, research, development, and innovation. IGI Global. 

MacLeod, C., & McArthur, V. (2019). The construction of gender in dating apps: An 



64 
 

interface analysis of Tinder and Bumble. Feminist Media Studies, 19(6), 822–840. 

https://doi.org/10.1080/14680777.2018.1494618. 

May, S., Byrnie, M., Davidson, N., & Hovsepian, K. (2013). Case studies in organizational 

communication: Ethical perspectives and practices (Second edition.). SAGE. 

Mazur, E. (2020). The trouble with Tinder: Emerging adults with disabilities dating online. In 

M. Wright (Ed.), Recent advances in digital media impacts on identity, sexuality, and 

relationships (pp. 99-118). IGI Global. https://doi.org/10.4018/978-1-7998-1063-

6.ch006. 

McLuhan, M. (1964). Understanding media: The extensions of man. McGraw-Hill. 

Meisenzahl, M. (2020, Aug 5). These charts from Match Group show more people are 

turning to online dating during the pandemic. Business Insider. 

https://www.businessinsider.com/tinder-hinge-match-group-dating-apps-more-users-

coronavirus-2020-8. 

Miguel, C. (2018). Social media platforms as intimacy mediators. In C. Miguel (Ed.), 

Personal relationships and intimacy in the age of social media (pp. 59–80). Springer 

International Publishing. https://doi.org/10.1007/978-3-030-02062-0_4. 

Morse, J. M. (2009). Mixing qualitative methods. Qualitative Health Research, 19, 1523-

1524. https://doi.org/10.1177/1049732309349360. 

Nuccio, M., & Guerzoni, M. (2019). Big data: Hell or heaven? Digital platforms and market 

power in the data-driven economy. Competition & Change, 23(3), 312–328. 

https://doi.org/10.1177/1024529418816525. 

Office of the Privacy Commissioner of Canada. (2014, May 15). Summary of privacy laws in 



65 
 

Canada. https://www.priv.gc.ca/en/privacy-topics/privacy-laws-in-

canada/02_05_d_15/#heading-0-0-1. 

Orr, A. (2004). Meeting, mating, and cheating: Sex, love, and the new world of online dating. 

Pearson FT Press. 

Pariser, E. (2011). The filter bubble: What the Internet is hiding from you. Penguin Press. 

Parisi, L., & Comunello, F. (2020). Dating in the time of “relational filter bubbles”: 

Exploring imaginaries, perceptions and tactics of Italian dating app users. The 

Communication Review, 23(1), 66–89. 

https://doi.org/10.1080/10714421.2019.1704111. 

Petticrew, M., & Roberts, H. (2006). Systematic reviews in the social sciences: A practical 

guide. Blackwell Publishing Ltd. 

Rawls, J. (1970). A theory of justice. Belknap Press of Harvard University Press. 

Rolle, M. (2019, February 25). The biases we feed to Tinder algorithms. Diggit Magazine. 

https://www.diggitmagazine.com/articles/biases-we-feed-tinder-algorithms 

Rousseau, D., Manning, J., & Denyer, D. (2008). 11 Evidence in management and 

organizational science: Assembling the field’s full weight of scientific knowledge 

through syntheses. The Academy of Management Annals, 2(1), 475–515. 

https://doi.org/10.1080/19416520802211651. 

Rudder, C. (2014). Dataclysm: Love, sex, race, and identity−What our online lives tell us 

about our offline selves. Broadway Books. 

Sandelowski, M., Voils, C. I., & Barroso, J. (2006). Defining and designing mixed research 

synthesis studies. Research in the Schools, 13(1), 29–40. 



66 
 

Schulz-Schaeffer, I. (2000). Sozialtheorie der Technik. Campus. 

Schüttpelz, E. (2013). Elemente einer Akteur-Medien-Theorie. In T. Thielmann, & E. 

Schüttpelz (Ed.), Akteur-Medien-Theorie (pp. 9-67). Bielefeld: Transcript. 

Schwartz, P., & Velotta, N. (2018). Online dating: Changing intimacy one swipe at a time? In 

J. Van Hook, S. M. McHale & V. King (Eds.), Families and technology (pp. 57–88). 

Springer International Publishing. https://doi.org/10.1007/978-3-319-95540-7_4. 

Siddaway, A. P., Wood, A. M., & Hedges, L. V. (2019). How to do a systematic review: A 

best practice guide for conducting and reporting narrative reviews, meta-analyses, and 

meta-syntheses. Annual Review of Psychology, 70(1), 747-770. 

https://doi.org/10.1146/annurev-psych-010418-102803. 

Shadel, J. D. (2019, October 8). A queer user’s guide to the wild and terrifying world of 

LGBTQ dating apps. Washington Post. 

https://www.washingtonpost.com/lifestyle/2019/10/08/queer-users-guide-wild-

terrifying-world-lgbt-dating-apps/. 

Sharabi, L. L. (2020). Exploring how beliefs about algorithms shape (offline) success in 

online dating: A two-wave longitudinal investigation. Communication Research, 1-22. 

https://doi.org/10.1177/0093650219896936. 

Shirley, K. (2017). Online dating. In J. Carlson, & S. Dermer (Eds.), The sage encyclopedia 

of marriage, family, and couples counseling (Vol. 3, pp. 1177-1180). Sage 

Publications, Inc. https://www-doi-

org.proxy.bib.uottawa.ca/10.4135/9781483369532.n355. 

Sepulveda, R., & Vieira, J. (2019). Tinder’s operating logics: An analysis of the application 



67 
 

and the perceptions of the users. Teknokultura: Revista De Cultura Digital Y 

Movimientos Sociales, 16(1), 75–90. https://doi.org/10.5209/TEKN.62054. 

Spöhrer, M. (2017). Applications of Actor-Network Theory in media studies: A research 

overview. In Spöhrer, M., & Ochsner, B. (Eds.), Applying the Actor-Network Theory 

in media studies (pp. 1-19). IGI Global. http://doi.org/10.4018/978-1-5225-0616-

4.ch001. 

Sprecher, S. (2011). Relationship compatibility, compatible matches, and compatibility 

matching. Psychological Research Records, 1, 187–215. 

https://doi.org/10.22201/fpsi.20074719e.2011.2.203. 

Statista.com. (2020). Online Dating. https://www.statista.com/outlook/372/108/online-

dating/canada#market-marketDriver. 

Striphas, T. (2015). Algorithmic culture. European Journal of Cultural Studies, 18(4–5), 395–

412. http://doi.org/10.1177/1367549415577392. 

Sullivan, A. (2020, March 27). Love in the time of coronavirus: COVID-19 changes the game 

for online dating. Deutsche Welle Business. https://www.dw.com/en/love-in-the-time-

of-coronavirus-covid-19-changes-the-game-for-online-dating/a-52933001. 

Swipehelper. (2019, October 13). Tinder’s algorithm – How it determines who gets to see 

your profile & what you can do about it. Swipehelper. 

https://www.swipehelper.com/2019/10/13/tinder-algorithm/. 

Teurlings, J. (2013). Unblackboxing production: What media studies can learn from Actor-

Network Theory. In M. de Valck & J. Teurlings (Eds.), After the break: Television 

theory today (pp. 101–116). Amsterdam UP. 



68 
 

Tinder Blog. (n.d.). Introducing more genders on Tinder. https://blog.gotinder.com/genders/. 

Thomas, J., & Harden, A. (2008). Methods for the thematic synthesis of qualitative research 

in systematic reviews. BMC Medical Research Methodology, 8(1), 45. 

https://doi.org/10.1186/1471-2288-8-45. 

Tong, S. T., Hancock, J. T., & Slatcher, R. B. (2016a). Online dating system design and 

relational decision making: Choice, algorithms, and control. Personal Relationships, 

23(4), 645–662. https://doi.org/10.1111/pere.12158. 

Tong, S. T., Hancock, J. T., & Slatcher, R. B. (2016b). The influence of technology on 

romantic relationships: Understanding online dating. In G. Meiselwitz (Ed.), Social 

computing and social media (pp. 162–173). Springer International Publishing. 

https://doi.org/10.1007/978-3-319-39910-2_16. 

Verbeek, P.-P. (2011). Moralizing technology understanding and designing the morality of 

things. University of Chicago Press. 

Verbeek, P.-P. (2015). Beyond interaction: A short introduction to mediation theory. 

Interactions, 22(3), 26–31. https://doi.org/10.1145/2751314. 

Wang, S. (2020a). Calculating dating goals: Data gaming and algorithmic sociality on Blued, 

a Chinese gay dating app. Information, Communication & Society, 23(2), 181–197. 

https://doi.org/10.1080/1369118X.2018.1490796. 

Wang, S. (2020b). Chinese affective platform economies: Dating, live streaming, and 

performative labor on Blued. Media, Culture & Society, 42(4), 502–520. 

https://doi.org/10.1177/0163443719867283. 

Wayner, P. (2014, April 21). 12 Ethical dilemmas gnawing at developers today. InfoWorld. 



69 
 

https://www.infoworld.com/article/2607452/12-ethical-dilemmas-gnawing-at-

developers-today.html. 

Webb, H., Patel, M., Rovatsos, M., Davoust, A., Ceppi, S., Koene, A., Dowthwaite, L., 

Portillo, V., Jirotka, M., & Cano, M. (2019). It would be pretty immoral to choose a 

random algorithm: Opening up algorithmic interpretability and transparency. Journal 

of Information, Communication & Ethics in Society (Online), 17(2), 210–228. 

https://doi.org/10.1108/JICES-11-2018-0092. 

White, C., & Boatwright, B. (2020). Social media ethics in the data economy: Issues of social 

responsibility for using Facebook for public relations. Public Relations Review, 46(5). 

https://doi.org/10.1016/j.pubrev.2020.101980. 

Winner, L. (1980). Do artifacts have politics? Daedalus (Cambridge, Mass.), 109(1), 121–

136. 

Xia, P., Zhai, S., Liu, B., Sun, Y., & Chen, C. (2016). Design of reciprocal recommendation 

systems for online dating. Social Network Analysis and Mining, 6(1), 1–16. 

https://doi.org/10.1007/s13278-016-0340-2. 

Xiao, Y., & Watson, M. (2019). Guidance on conducting a systematic literature review. 

Journal of Planning Education and Research, 39(1), 93–112. 

https://doi.org/10.1177/0739456X17723971. 

 

  



70 
 

Appendices 

Appendix A: Articles selected for the systematic literature review 

1. Abolfathi, N., & Santamaria, S. (2020). Dating disruption—How Tinder gamified an 

industry. MIT Sloan Management Review, 6. 

2. Albury, K., Burgess, J., Light, B., Race, K., & Wilken, R. (2017). Data cultures of mobile 

dating and hook-up apps: Emerging issues for critical social science research. Big Data & 

Society, 4(2), 1-11. https://doi.org/cc10.1177/2053951717720950. 

3. Bartlett, K. T., & Gulati, M. (2016). Discrimination by customers. Iowa Law Review, 102, 

223-257. 

4. Bivens, R., & Hoque, A. S. (2018). Programming sex, gender, and sexuality: 

Infrastructural failure. Canadian Journal of Communication, 43, 441–459. 

http://doi.org/10.22230/cjc.2018v43n3a3375. 

5. Cohen, M. C. (2018). Big data and service operations. Production and Operations 

Management, 27(9), 1709–1723. https://doi.org/10.1111/poms.12832. 

6. Costa Rodrigues, R. P., & Baldi, V. (2017). Interaction mediated by a swipe culture: An 

observation focused on mobile dating applications. In 2017 12th Iberian Conference on 

Information Systems and Technologies (CISTI), 1-4. 

http://doi.org/10.23919/CISTI.2017.7975868. 

7. Courtois, C., & Timmermans, E. (2018). Cracking the Tinder code: An experience 

sampling approach to the dynamics and impact of platform governing algorithms. Journal 

of Computer-Mediated Communication, 23(1), 1–16. 

https://doi.org/10.1093/jcmc/zmx001. 



71 
 

8. David, G., & Cambre, C. (2016). Screened intimacies: Tinder and the swipe logic. Social 

Media + Society, 2(2), 1-11. https://doi.org/10.1177/2056305116641976. 

9. Degen, J., & Kleeberg-Niepage, A. (2020). The more we Tinder: Subjects, selves and 

society. Human Arenas. https://doi.org/10.1007/s42087-020-00132-8. 

10. Duguay, S., Burgess, J., & Suzor, N. (2020). Queer women’s experiences of patchwork 

platform governance on Tinder, Instagram, and Vine. Convergence: The International 

Journal of Research into New Media Technologies, 26(2), 237–252. 

https://doi.org/10.1177/1354856518781530. 

11. Eskridge, M. (2019). Falling in love with algorithmic compatibility in a digital dating 

landscape: Sexually affective data, networked intimacy, and online gendered identity 

constructions. Journal of Research in Gender Studies, 9(2), 92. 

https://doi.org/10.22381/JRGS92201910. 

12. Gieseking, J. J. (2017). Messing with the attractiveness algorithm: A response to queering 

code/space. Gender, Place & Culture, 24(11), 1659–1665. 

https://doi.org/10.1080/0966369X.2017.1379955. 

13. Haywood, C. (2018). Mobile romance: Tinder and the navigation of masculinity. In C. 

Haywood (Ed.), Men, masculinity and contemporary dating (pp. 131–166). Palgrave 

Macmillan UK. https://doi.org/10.1057/978-1-137-50683-2_5. 

14. Howard, P. N. (2018). The rise of computational propaganda. IEEE Spectrum, 55(11), 28–

33. https://doi.org/10.1109/MSPEC.2018.8513781. 



72 
 

15. Jia, Y., Liu, X., & Xu, W. (2018). When online dating meets nash social welfare: 

Achieving efficiency and fairness. Proceedings of the 2018 World Wide Web Conference 

on World Wide Web - WWW ’18, 429–438. https://doi.org/10.1145/3178876.3186109. 

16. Kao, A. (2016). Tinder: True love or a nightmare? Advanced Writing: Pop Culture 

Intersections. Paper 16. https://scholarcommons.scu.edu/engl_176/16. 

17. Kari, P. (2017, August 14). OkCupid bets that swipe left, swipe right is a dated concept; 

The online dating site says the key is to go deeper in search of love. Wall Street Journal 

(Online). https://www.wsj.com/articles/okcupid-bets-that-swipe-left-swipe-right-is-a-

dated-concept-1502676480. 

18. Kim, K., Kim, T., Lee, S., Kim, S., & Kim, H. (2018). When harry met Tinder: Security 

analysis of dating apps on Android. In N. Gruschka (Ed.), Secure IT systems (pp. 454–

467). Springer International Publishing. https://doi.org/10.1007/978-3-030-03638-6_28. 

19. MacLeod, C., & McArthur, V. (2019). The construction of gender in dating apps: An 

interface analysis of Tinder and Bumble. Feminist Media Studies, 19(6), 822–840. 

https://doi.org/10.1080/14680777.2018.1494618. 

20. Mazur, E. (2020). The trouble with Tinder: Emerging adults with disabilities dating 

online. In M. Wright (Ed.), Recent advances in digital media impacts on identity, 

sexuality, and relationships (pp. 99-118). IGI Global. https://doi.org/10.4018/978-1-7998-

1063-6.ch006. 

21. Miguel, C. (2018). Social media platforms as intimacy mediators. In C. Miguel (Ed.), 

Personal relationships and intimacy in the age of social media (pp. 59–80). Springer 

International Publishing. https://doi.org/10.1007/978-3-030-02062-0_4. 



73 
 

22. Parisi, L., & Comunello, F. (2020). Dating in the time of “relational filter bubbles”: 

Exploring imaginaries, perceptions and tactics of Italian dating app users. The 

Communication Review, 23(1), 66–89. https://doi.org/10.1080/10714421.2019.1704111. 

23. Rita, P., Ramos, R. F., Moro, S., Mealha, M., & Radu, L. (2020). Online dating apps as a 

marketing channel: A generational approach. European Journal of Management and 

Business Economics, 30(1), 1–17. https://doi.org/10.1108/EJMBE-10-2019-0192. 

24. Rolle, M. (2019, February 25). The Biases we feed to Tinder algorithms. Diggit 

Magazine. https://www.diggitmagazine.com/articles/biases-we-feed-tinder-algorithms 

25. Schwartz, P., & Velotta, N. (2018). Online dating: Changing intimacy one swipe at a 

time? In J. Van Hook, S. M. McHale, & V. King (Eds.), Families and technology (pp. 57–

88). Springer International Publishing. https://doi.org/10.1007/978-3-319-95540-7_4. 

26. Sepulveda, R., & Vieira, J. (2019). Tinder’s operating logics: An analysis of the 

application and the perceptions of the users. Teknokultura: Revista De Cultura Digital Y 

Movimientos Sociales, 16(1), 75–90. https://doi.org/10.5209/TEKN.62054. 

27. Sharabi, L. L. (2020). Exploring how beliefs about algorithms shape (offline) success in 

online dating: A two-wave longitudinal investigation. Communication Research, 1-22. 

https://doi.org/10.1177/0093650219896936. 

28. te Wildt, B. T., & Dieris-Hirche, J. (2019). Psychotherapeutic considerations on online 

dating: Mating behavior under the spell of algorithms. Psychotherapeut, 64, 361–368. 

https://doi.org/10.1007/s00278-019-00375-z. 



74 
 

29. Tong, S. T., Hancock, J. T., & Slatcher, R. B. (2016a). Online dating system design and 

relational decision making: Choice, algorithms, and control. Personal Relationships, 

23(4), 645–662. https://doi.org/10.1111/pere.12158. 

30. Tong, S. T., Hancock, J. T., & Slatcher, R. B. (2016b). The influence of technology on 

romantic relationships: Understanding online dating. In G. Meiselwitz (Ed.), Social 

computing and social media (pp. 162–173). Springer International Publishing. 

https://doi.org/10.1007/978-3-319-39910-2_16. 

31. Wang, S. (2020a). Calculating dating goals: Data gaming and algorithmic sociality on 

Blued, a Chinese gay dating app. Information, Communication & Society, 23(2), 181–

197. https://doi.org/10.1080/1369118X.2018.1490796. 

32. Wang, S. (2020b). Chinese affective platform economies: Dating, live streaming, and 

performative labor on Blued. Media, Culture & Society, 42(4), 502–520. 

https://doi.org/10.1177/0163443719867283. 

  



75 
 

Appendix B: Table 1 – The result of systematic literature search 

Table 1 The result of systematic literature search 
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Elimination of irrelevant articles 15 7 16 7 
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Elimination of duplicated articles 32 
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Appendix C: Table 2 – Themes and distribution of literature 

Table 2 Themes and distribution of literature 

Article/ 
Construct 

Human 
development 

Culture Social 
equality 

Business Political 
issues 

Ethics and 
morals 

Privacy 

1 

 

       

2        

3        

4        

5        

6        

7        

8        

9        

10        

11        

12        

13        

14        

15        

16        

17        

18        

19        

20        

21        

22        

23        

24        

25        

26        

27        

28        

29        

30        

31        

32        

Frequencies 17 15 14 13 10 7 4 
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77 
 

Appendix D: Figure 1 – Distributive pattern of literature 

 

Figure 1 Distributive pattern of literature 
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Appendix E: Table 3 – Summary of technoethical assessment of online dating algorithms 

Table 3 Summary of technoethical assessment of online dating algorithms 

Theoretical perspectives 

• Right ethics: Online dating algorithms should ensure equal visibility and charge of 

every user (Locke, 1690; Rolle, 2019) 

• Relational ethics: Online dating algorithms should encourage reciprocal interactions 

and healthy relationships between users (Gilligan, 2008; MacLeod & McArthur, 2019). 

Socio-cultural perspectives 

• Online dating algorithms shape dating cultures by introducing “pre-date” stage and 

swipe gestures (Costa Rodrigues & Baldi, 2017; Haywood, 2018) 

• Existing binary and cisgendered design of categories and algorithm logic (Bivens & 

Hoque, 2018) 

• Algorithmic mediation may reinforce biased culture and perceptions (Haywood, 2018) 

• Need for more public awareness of online dating algorithms’ influential potential 

Economic perspectives 

• The entertaining nature of swipe algorithms boosts online dating industries (Abolfathi 

& Santamaria, 2020) 

• Almost all stakeholders, including platforms, third parties and users, can benefit from 

algorithmic profiling and recommendation (Albury et al., 2017; Wang, 2020a) 

• Online dating algorithms can be used by platforms to exploit user data and digital 

labors (Wang, 2020b) 

• Need for more executable regulations on platforms’ exploitation of algorithms 

Political perspectives 

• Online dating algorithms can be exploited by institutions as surveillance tools (Albury 

et al, 2017; Howard, 2018) 

• Be cautious about an “algorithmic belief” promoted by platforms (Sharabi, 2020) 

• Need to prevent institutions from manipulating the public through algorithmic 

governance 
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Stakeholders’ perspectives 

• The power relationship between stakeholders can be asymmetric 

• An ethical dilemma that whether and to what extent should platforms transfer daters 

into consumers (Wayner, 2014) 

• Need to take all stakeholders’ interests into account when designing and regulating 

online dating algorithms 

Levels of influence 

• Online dating generates a global influence as it is prevalently used worldwide 

• Ensure that embedded values are acceptable to all cultural and social groups (Cohen, 

2018) 

• Need to reinforce transnational regulation of algorithms and data safety 

Intended ends and possible side effects 

• Intended ends: facilitate mate matching and expand the online dating industry 

• Possible side effects: negative impacts on user experience, culture, and user privacy 

Comparison of means and intended ends 

• Several technical problems may hinder algorithms from achieving intended ends 

(Miguel, 2018; Schwartz & Velotta, 2018) 

• Need to explore the extent of algorithm transparency (Hosanagar & Jair, 2018) 

Overall assessment in terms of efficiency and fairness 

• Algorithms improve the efficiency of the dating process but fail to facilitate efficient 

and productive communication between users 

• Online dating platforms should not regard algorithm merely as a machine but as an 

avenue for daters to build intimate relationships 

• Need to increase fairness in online dating 
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